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1. Heau u 3a1a4u U3yYeHUs1 TUCHUILIMHBI (MOTYJIs1)

1.1 Heab ocBOeHMs AMCHMILIMHBI ONPEJENEHbl TOCYJapCTBEHHBIM 00pa30BaTEIbHBIM
CTaHJapTOM BhICHIEr0 oOpa3oBaHus M cooTHeceHbl ¢ obmmmu wensmu OOIT BO mo
HampaBieHuto noarotoBku 02.03.03 MartemaTuueckoe oOecrieueHHe W aJIMHHHCTPUPOBAHUE
uHpopMannoHHbIX cucteM (TexHomorus nporpaMMHUpPOBaHUs), B paMKaxX KOTOPOH MpernoaaeTcs
JUCLUILINHA.

Lenbto ocBoeHUs1 yueOHON IucHMIUIMHBI «HelpoceTeBbie MOJETN» SIBISETCS pa3BUTHE
IpOoQeCCHOHATIBHBIX KOMIIETEHTHOCTEH MPUOOPETEHHs NMPAKTHUYECKUX HABBIKOB pa3pabOTKHU U
UCIIOJIB30BAHUS HEUPOCETEBBIX TEXHOJOTHM, PEAIM3YIOIIMX WHHOBALMOHHBIN Xapakrep B
BBICIIEM MPOo(heCCHOHATEHOM 00pa30BaHUH.

OcHoBa M3y4eHus: AUCUUIUIMHBEI «HelipoceTeBble MoJenn» — peanu3anus TpeOoBaHUH,
ycTaHOBIEHHbIX DellepanbHbIM TOCYJapCTBEHHBIM 00pa30BaTENbHBIM CTAaHJAPTOM BBICLIETO
npodecCHOHATBLHOTO 00pa3oBaHUsl K MOATOTOBKE CTYACHTOB OakaiaBpuara, 0OydyaromUXcs MO
HampaBieHuto  02.03.03  Marematudeckoe  oOecriedeHWE W aJIMHHHCTPUPOBAHUE
UH(POPMALMOHHBIX crcTeM (TexXHOIOrHs MPOrpaMMHUPOBAHUS).

1.2 3agaum QM CUMIIHHBI

1. akTyanu3anus ¥ pa3BUTHE 3HAHUI B 00J1aCTH HEYETKUX M HEHPOCETEBBIX TEXHOJIOTUH;

2. IPUMEHEHHE HAy4YHbIX 3HAHUW O HEHUPOCETEBBIX TEXHOJOTMU B Mpolecce
MaTeMaTHYECKOro U MHPOPMALMOHHOTO 00ecreueH s SKOHOMUYECKOH e TeTbHOCTH;

3. MPOEKTUPOBAHUE MOJIETIEH HEUETKUX U HEUPOCETEBBIX TEXHOJIOTHI B SKOHOMUKE;

4. pa3BUTHE HABBIKOB HEYETKOI'O M HEHPOCETEBOrO MOJEIMPOBAHUS IKOHOMUYECKOU
JIeATEIbHOCTH;

5. OBNaJicHWEe WHHOBAIIMOHHBIMU TEXHOJOTHUSMU W HaBBIKAMH B OOJACTH HEHPOHHBIX
CHUCTEM.

1.3 MecTo aucuunianHbl (MOayJs1) B CTPYKType 00pa3oBaTeIbHOM NMPOrpaMMbl

Jucnunnuna «HedpoceTeBbie MO OTHOCUTCS K 4acTH, GOPMHUPYEMON ydaCTHUKaAMHU
oOpa3oBaTenbHbIX oTHOIICHUH brioka 1 "/lucturuinael (Moaynu)" y4eOHOTO TIaHa.

HucuunnmHa «HelpoceTeBble MOJENW» M3y4aeTcsi B S5-M CEMECTpPE U HCMOJIb3YET
Pa3HOCTOPOHHHUE 3HAHMUS, NTOJIYYEHHBIE B IIPEABIAYIINUX ceMecTpax. [IpenonaBanne qUCIUIUIMHEIL
BEJETCS B BUJAE JIEKIMH, J1a0OpPaTOPHBIX M CAMOCTOATENbHBIX 3aHATHH. bonbmas wacte
JIEKIIMOHHOTO MaTepuasia JaeTcsi B MHTEPAKTUBHOM pexume. OCHOBHAs Leib JIaOOPaTOPHBIX
3aHATHUH - YTIyOJICHHOE N3yYeHUE HEHPOCETEBBIX METOI0B U MOJICIICH.

HucuumnnmHa «HeiipoceTeBble Mopenu» HampaBieHa Ha (OPMUpPOBaHME 3HAHUHA U
yMeHuil oOywaromuxcst pa3pabaTbiBaTh M HCIOJIb30BaTh HEHPOCETEBbIE MOJAEIM UL
o0ecrieyeHnss 1 aIMUHUCTPUPOBAHUS HHPOPMALMOHHBIX cucTeM. ObecneunBaeT CrioCOOHOCTh Y
00y4aroImuxcst K TEOPETUKO-METOJ0JI0rMUECKOMY aHAJIN3y HEHMPOHHBIX CUCTEM; (POPMUPOBAHUE
KOMIIETEHIIMH B pa3pabOTKe M HCIIOJIB30BAaHMM HEHPOCETEeBBIX Mojeleld B SKOHOMHUKe. B
COBOKYNHOCTH HM3y4€HHME 3TOM AMCHUUIUIMHBI TOTOBUT OOy4aeMbIX, KaK K Pa3JIMYHBIM BUIAM
IIPAaKTUYECKOW  DKOHOMHUYECKOM  JEeATEIbHOCTHM, TAaK W K  HAYYHO-TEOPETUYECKOM,
HCCJIEIOBATEILCKOMN NEATEIbHOCTH.



1.4 IlepedyeHb NMJIAHMPYEMBbIX Pe3yJbTATOB O0y4eHHsl IO AMCHMILIMHE (MOIYJIO),
COOTHECEHHBIX C IVIAHUPYEMBbIMH pe3yJbTaTaMHi 0CBOCHHA 00Pa30BaTeJIbHOM NIPOrpaMMBbl

W3yuenne pnaHHOM y4yeOHOM JUCUMIUIMHBI HampaBlieHO Ha (HOpMHUpOBaHHE Y
00yYaroIuXcsl CIeIYOUMX KOMIIETEHIMHI:

KOIL 1 HAaUMCHOBAaHUEC MHAUKATOpA Pe3yJ’ILTaTLI o6yquI/m 10 AUCLUIIIINHEC

IIK-2 CnocofeH NMpOBOAUTH MOA HAYYHBIM PYKOBOACTBOM HCC/IeJOBAHHE HA OCHOBE CYINECTBYIOIIMX
MeTO/10B B KOHKPETHOIi 00.,1aCTH NPo(ecCHOHAIBLHOM 1eATeJbHOCTH

HIIK-2.1. Moxer wucnonb3zoBath ocHOBHble | UIIK-2.1. 3u.1. 3naeT uenu u 3a1a4u MPOBOIUMBIX
MOJIETTH HEUPOHHBIX CETeH M BialeeT crmocobaMu | WCCIICIOBAHMMA U pa3paboTOK Mojeleii HEMPOHHBIX CeTei
WX TpUMEHEeHWs [ pemeHus 3azad B | MIIK-2.1. 3u.2. 3HaeT MeTOabI aHAIN3a U 00001me s

MPEIMETHBIX 00JI1acTIX OTEYECTBEHHOTO M MEXYHAPOIHOTO OTBITA B O0JIACTH
WCCIIEJOBAaHUN HEHPOHHBIX CETEH

NIIK-2.1. 31.3. 3HaeT METOABI ¥ CPEICTBA TUTAHUPOBAHUS H
OpraHU3aIK HCCIIeI0BaHUH 1 pa3pab0TOK HEUPOHHBIX
ceTeil

NIIK-2.1. 31.4. 3HaeT METOABI MPOBEACHHUS dKCIIEPUMEHTOB
1 HaOmoieHw, 00001eHus 1 00padoTKN HHDOpMaIH
HEHPOHHBIX ceTeil

HIIK-2.1. V.1. YMeeT npUMeHITh METOABI aHAIN3a HAYYHO-
TEXHUYECKOH MH(POPMAIIMY IO HEHPOHHBIM CETAM
UIIK-2.1. TJ.1. Moxet cobuparts, 00pabaThIBaTh,
AHATM3UPOBATh U 0000MIATE PE3yIBTATHI IKCTICPUMEHTOB U
MCCIIeIOBaHUI HEHPOCeTEeBbIX MOAeNeH

IIK-7 Crnocof6eH HCIONb30BATHL COBPEMEHHbIe MeETOAbI Pa3paloTKH M Ppeaju3alMd KOHKPETHBIX
AJITOPUTMOB MaTeMaTHYeCKHX Mojesiell Ha 0a3e SI3bIKOB NMPOrPaMMHMPOBAHHS M NMAKETOB NMPHUKJIAAHBIX
MPOrpaMM MoJieTHPOBAHMS

NIIK-7.1. MoxeT npoeKTUpoBaTh HEMpPOCETEBbIC
Moienu (HEHPOHHBIE CETH) U pa3padaThIBaTh X

HIIK-7.1. 3.1. 3HaeT OCHOBBI POTPAMMHUPOBAHUS
HEUPOHHBIX CeTer

U3aiH

WIIK-7.1. 3.2. 3HaeT BO3MOXXHOCTH HEUPOHHBIX ceTel

HIIK-7.1. ¥V.1. YMeeT koAMpOBaTh Ha SA3BIKAX
IPOTPAaMMHPOBAHHSI HEHPOHHEIEC CETH

HIIK-7.1. T.1. Moxet pa3pabaTeiBaTh CTPYKTYPY
MIPOrPaMMHOT0 KOJIa HEUPOHHBIX CeTeH

PGSYJ'II)TaTI)I 06y‘leHI/I$I 10 AWCHHUILUIMHE AOCTUIalOTCA B paMKaX OCYHICCTBJICHHUSA BCEX

BUJOB KOHTaKTHOH U CaMOCTOSATENBbHOM paboThl 0OydyarommMxcsi B COOTBETCTBUU C
YTBEP)KJICHHBIM YUE€OHBIM IIJIAHOM.
Wuaukatopel  JOCTHXKEHUS KOMIIETEHLMH  CUuTaloTCcs  CHOPMHPOBAHHBIMU  TIPU

JOCTUKEHUHN COOTBETCTBYIOUINX UM PE3YyIbTaTOB O0YUEHHUS.

2. CTpyKTYypa U cofepKaHue JUCHUILTHHBI

2.1 PacnipeaesieHre TPYA0EMKOCTH AUCHHMILIMHBI IO BHAaM padoT

OO6miast Tpya0€MKOCTh JUCIUIUIMHBI COCTaBiseT 3 3adeTHbIX eawnmi] (108 dacoB), ux
pacnpeesieHre o BUiaM paboT MPeICTaBICHO B TaOIUIE

Bcero dopma
Bunet pador
4acoB | OOYYCHHS OYHAS
5 cemectp
(gacsr)

KonrakTHasi padora, B TOM 4ucJje: 52,2 52,2
AyauTOpHBIEe 3aHATHS (BCEro): 50 50
3aHATHA JEKIIMOHHOIO THUIIA 34 34
J1a00paTOPHBIE 3aHATHS 16 16
NPaKTHYECKUE 3aHSATHS - -
CEeMUHAPCKHE 3aHsATHS - -
HNHas koHTaKkTHas padora: 2,2 2,2
Konrposs camocrosirensHoit pabotsl (KCP) 2 2
[Tpomexyrounas arrecrauus (MKP) 0,2 0,2




CamocTosiTeJIbHasi padoTa, B TOM YHCJIE: 55,8 55,8
Kypcosast pabora/npoekt (KP/KIT) (monroroska) - -
KonTpoapHas pabora - -
Pacuérno-rpadudeckas pabora (PI'P) (monroroska) - -
BLIHOHHGHI/IEB WHIUBUAYaJbHBIX 3aJaHAH TI0 MOATOTOBKE pedepaToB, COOOMECHHH, 40 40
TIpe3CHTAINN
CamocrosTenbHas IpopaboTKa ¥ TOBTOPEHHE JIEKIMOHHOTO MaTepHajia U MaTepuaia 53 53
y4eOHUKOB M Y4EOHBIX ITOCOOHI, MOATOTOBKA K Ta0OPATOPHBIM 3aHATHIM ’ ’
IToaroToBKa K TeKymemMy KOHTPOJIIO 10 10
KoHTpoJsb:
TlonroroBka K sK3aMeHy - -
Oomasn yac. 108 108
TPYAOEMKOCTh B TOM 4YHcJie KOHTAKTHasi padoTa 52,2 52,2
3a4. e 3 3

2.2 Copep:xaHue JUCUMIIIMHBI
Pacnpenenenue BuoB yueOHON pabOThI U UX TPYAOEMKOCTH IO pa3jeiaM AUCUUIUINHBL
Pazaenpl/TeMbl TUCIMIUIMHBI, U3y4aeMbIe B 5 cemecTpe 3 Kypca ouHON (hOpMBbI 00ydeHUS

KonuuecTtBo yacos
No HanmenoBanwue pa3enoB (Tem) ° Aynurophas - |Breaynurophas
g pabota pabota
m | JI (I3 |JIP CPC
Pasnen 1. BBenenue
BBeznenue B HEHPOHHBIE CETH.
1. 4 2 2
IMapanneny u3 OMOJIOTHH.
BasoBas CKyCCTBEHHAs! MOJICTIb.
2. . . 6 2 2 2
[TpuMeHeHrEe HEHPOHHBIX CETEH.
Pa3nen 2. OcHOBHBIE CBeleHUS 0 HEHPOHHBIX CeTAX
Teopems! Konmaroposa, ApHonbaa u
3. 6 2 4
Xext-Hunbcena.
4. OCHOBHBIE KOHLIENIINH HEHPOHHBIX ceTeil. HelipokoMIbrOTepHI. 6 2 4
5. IIporpammuoe obecneuenne s HC. 10 2 2 6
Pa3nen 3. Heliponnnie cetn B nakere ST: Neural Networks
Ipe/noct npoueccupoBanue.
6. S 4 2 2
MHOTOCIIOMHBIH MEPCENTPOH.
Panuanpuas 6a3ucHas QyHKIUS.
7 O0600ITIeHHO-pErPeCCUOHHAS, 4 ) )
) BEpPOSATHOCTHASI HEUPOHHAS CETb.
JIuneiinas cets.
8. Cetp Koxonena. 6 2 4
[Iporuno3uposanue u kiaccupukamnus B makere ST: Neural
9. 11 2 4 5
Networks.
Pa3nen 4. Heliponnble cetu B Matlab
10. |GUI Matlab mms NNT. 12 4 2 6
11. |PexypenTHbIC ceTH. MalmmHHOE O0yUYeHHE. 12 4 2
Paspnea S. Heiiponnbie cetu B Python
12.  |Co3mganmne HC B Python. 3 1 2
13 ITpumep ncnons3zoBanus FeedForward. 3 1 )
" |Python (MSE).
14.  |TpenupoBka HC — MHOTOBapHaHTHbIC HCUUCIICHUSI. 4 2 2
15.  |CroxacTHueckuii TpaJUeHTHBIN CITYCK. 6 2 2 2
16. |I'mybGokoe oOydeHue. 88 | 2 2 4,8
HUTOI'O no pasdenam oucyuniunsl 105,8| 34 16 55,8
KonTpons camoctosTenpHol paboTsl (KCP) 2
ITpomexyrounas arrectanus (MKP) 0,2
[TonroToBKa K TEKyIIeMy KOHTPOITIO -
OO6m1ast TpPyA0EMKOCTh IO TUCITUTUIHHE 108

[Mpumeuanue: JI — nexuun, 13 — mpaktudeckue 3ansaTus / cemuHapsl, JIP — maGopaTtopHbie
sarsTusi, CPC — camocrositenbHas paboTta CTyneHTa



2.3 Conepxxanue pa3esioB (TeM) QM CHUILTIHHbBI
2.3.1. 3aHsaTHSA JEKIIMOHHOI0 THIIA

Ne HaumenoBanue Conepanue pasziena (Tembr) dopma TeKy1ero
paszaena (TeMsbl) KOHTPOJISt
1. |BBenenue B Brenenne B HeliponHsle ceTu. [Tapannenu u3 6uonoruu. bazosas KonrtponbHbie
JUACHUIUIAHY HUCKYCCTBEHHAas MOJieNb. [I[puMeHeHne HEHPOHHBIX CeTEH. BOIIPOCHI
2. |OcHOBHBIE Teopembr Kommaroposa, Apraonbna n Xext-Hunbcena, OCHOBHBIC KoHTpoabHbIe
CBEJICHUS O KOHLENUUU HeUpOoHHBIX ceTell. HelipokommnbroTepsl. [Iporpammuoe BOIPOCHI
HEIPOHHBIX obecnieuenue it HC
CeTsIX
3. |Heiiponnsle [Mep/noct npoueccuposanre MuorocioHslit nepcentpon (MLP), KonTponbHsie
ceru B makere |PanuanbHas Oa3ucHas GyHKIus. BeposiTHOCTHast HEHPOHHAs CETb. BOIIPOCEHI
ST: Neural O000IICHHO perpeccuoHHas HelpoHHas ceth JIuneitnas cetb. CeTb
Networks Koxonena. Pemienue 3aga4d knaccudukanuu B makere ST: Neural
Networks. [Iporao3upoBanue BpeMeHHBIX psioB B makere ST: Neural
Networks
4. |Heiiponnsie GUI unrepdetic s T NNT. Moaens HelipoHa U apXUTEKTypa KonTpoasHbIe
cetu B Matlab  |cetn. OGyuenue HeWpoHHBIX ceTeld. [lepcenTpoHsl, JINHEHHBIE, BOIIPOCEHI
panuanbHbIe 6a3ucHbIe ceTH. CeTH KJIACTepHU3AINH U KJIaCCU(PUKAIINH.
Pexypenrnslie cetu. [Ipumenenne HepoHHBIX ceTeld. PopMHUpOBaHHE
MoJiesieli HeMPOHHBIX ceTelt
5. |Heiiponnsie MammHHoe 0o0ydeHue: co3nanne HelpoHHbIX ceTeld. Co3naHue KonTponbHsie
cetu B Python  |meifponnsix 610k0B. IIpocToif mpumep pabotsl ¢ Heliponamu B Python. |sompockr
Co3snanue Helipona ¢ Hyns B Python. ITpumep cOop HelipoHOB B
Heiipocets. [Ipumep npsimoro pacnpocrpanenus: FeedForward.
Co3nanue HeHpOHHOH ceTn npsiMoe pactipoctpanenue FeedForward.
Python kon cpennekBanparnueckoit ommodku (MSE). Tpennposka
HEUPOHHOU CETH — MHOTOBApUaHTHbBIE UCUUCIICHUS. TpeHupOoBKa
HelpoHHOU ceTn: CTOXacTUUECKUI rpaaneHTHBIN cryck. Co3manne
HelipoHHo cetn Ha Python. ['myGokoe oOyuenue.
2.3.2. 3aHATHSA CEMHUHAPCKOI0 TUIIA
3aHATUS CEMUHAPCKOTO TUIIA HE PEAYCMOTPEHBI yUE€OHBIM IIJTAHOM.
2.3.3. JIabopaTopHbie padoThI
Ne HaHMeH(()TB:;I:S pasaena TemaTuka 1abopaTOpHBIX padoT dopma TeKyIero KOHTPOJIS
1. |Heiiponnsie cetn B makere |[IpakTHKyM 110 CO3MaHUIO HEHPOHHBIX |OTPOC MO TEOPETHIECKOMY MaTepHaly.
ST: Neural Networks cereil B makete ST: Neural Networks  |OTuer no na6oparopHoii pa6ote.
2. |Heitponnsie cetu B nakete |[IpakTukyM mo co3maHuio HeHpOHHBIX |OHpoc MO TEOPETUUECKOMY MaTepHaty.
ST: Neural Networks cereii B makete ST: Neural Networks  |Ortuer mo nmaGoparopHoii pabote.
KonTpomnbHas padora Nel. TP 2
3. |Heiiponnsle cetn B makere |IIpe/mocT mporueccupoBanme Ormpoc 1o TeOpEeTUIECKOMY MaTepHaly.
ST: Neural Networks Muorocnoitabiii nepcentpon (MLP) Ortuer 1o 1abopaTopHoii paboTe.
4. |Hetiponnsie ceTH B makete |PerreHue 3agadu KiaccupuKaIyy B Kontpomnbnas pabora Ne2 ITposepka
ST: Neural Networks nakete ST: Neural Networks BEITIOJTHEHHS JoMarmHuX pabdot. TP 3
5. |Heiiponnsie cetu B nakere |bamancoBble Moaenn Onpoc 1o TEOPETHIECKOMY MaTepHaly.
ST: Neural Networks Ortuer no nabopatopHoii padoTe.
6. |Heiliponnsie cetn B Matlab |[Ipaktukym 1o co3nanuio HeHpoHHBIX |ONpPOC 10 TEOPETHYECKOMY MaTepualry.
cereil B makete Matlab Ortuer 1o n1abopaTopHoii padorTe.
7. |Heiiponnsie cetn B Matlab |GUI unrtepdeiic ms [TITIT NNT Ormpoc 1o TeOpEeTUIECKOMY MaTepHaly.
Otuet o nadbopaTopHoit padorte.
8. |Heiiponnsie cetu B Python |Coznanue HeliponHoii cetu Ha Python |Ompoc o TeopeTniyeckoMy MaTepualy.
Order o mabopaTopHoi padore.
9. |Heitponnsie cetn B Python |['my6okoe oOyuenue Ormpoc 1o TeopeTHIECKOMY MaTepHay.

Otuet o nadbopaTopHoit padore.




2.3.4. IlpumepHasi TeMATHKA KyPCOBBIX padoT (IPOEKTOB)
KypcoBsie paboThl (pOEKTHI) HE TPETYCMOTPEHBI YU€OHBIM TUTAHOM.

2.4 IlepeyeHb yueOHO-METOAUYECKOT0 O0ecnevyeHH sl AJI CAMOCTOSATEILHON padoThI

00y4YarIIHUXCS M0 TUCHHILINHE (MO1YJII0)

[{enmpro caMOCTOSATEIHLHOM paOOTHI CTYICHTA SBIISICTCS:

- yrinyOnieHue 3HaHU, MOTYYeHHBIX B PE3yJIbTaTe ayJUTOPHBIX 3aHATHIA;

- pa3BUTHE HABBIKOB CAMOCTOATEIBHOU PabOTHI;

- 3aKpeIUICHUE OMbITa U 3HAHH, TTOJTYYEHHBIX BO BPEeMs JIaOOPATOPHBIX 3aHITUH.

HepequL y‘{e6HO-MeTOI[I/I‘l€CKOFO obecrieueHus JUCIHUILINHBI I10

No Bug CPC M
BBITIOJTHEHHUIO CAMOCTOSITEIIbHOH PabOThI

1. |IIpopaboTka u moBTOpeHHE |MeToaM4YecKue yKa3aHHs U MOATOTOBKHU K JIGKIMOHHBIM M CEMUHAPCKUM
JIEKLIMOHHOTO MaTepuaa, 3aHATHUIM, YTBEPXKICHHBIC Ha 3aCEaHUU Ka(eIphl MPUKIATHON MaTEMATUKH
MaTepualia yueOHO! u (akyIbTeTa KOMIIBIOTEPHBIX TEXHOJIOTUH M MPUKIATHOW MAaTEeMAaTHKH
Hay4HOI TUTEpaTyphl, ®T'BOY BO «KyoI'Y», npotokon Ne7 ot 18.04.2018 r. Meronuueckne
MOATOTOBKA K CEMHHAPCKUM  |YKa3aHMS 110 BBINOJHEHUIO CAMOCTOSTEILHON paboThl, YTBEPKICHHBIE Ha
3aHATHIM 3aceaHny KadeIphl MPUKIATHON MaTeMaTUKU (aKyJIbTeTa KOMITBIOTCPHBIX

TexHoyorui u npukianaon mareMatukn @I'BOY BO «Ky0I'Y», npoTokon
Ne7 ot 18.04.2018 .

2. |IToaroToBKa K JlabopaTopHBIM |MeToquuecKre YKa3aHus 10 BBITOJIHEHUIO J1ab0paToOpHBIX padoT,

3aHATHAM YTBEp KICHHbBIC HA 3acefaHuH Kadeaphl IPUKIIa HOW MaTeMaTHKH (DaKyJIbTeTa
KOMITBIOTEPHBIX TEXHOJOTHH U npukiIagHoi Mmatematukun ®I'bOY BO
«KyO6I'Y», mpotokon Ne7 ot 18.04.2018 .
3. |lloaroroBka K pemeHUI0 MeTtoandeckue yKa3aHHS MO BEIIOJHEHIIO CAMOCTOATENEHOW PabOTHL,
3a/1a4 ¥ TECTOB YTBEp KICHHbBIC HA 3acelaHuH Kadeaphl IPUKIa HOW MaTeMaTHKH (DaKyJIbTeTa
KOMITBIOTEPHBIX TEXHOJOTHH U npukiIagHoi Mmatematukun ®I'bOY BO
«Ky0I'Y», npotokos Ne7 ot 18.04.2018 1.
4. |I[lonroroBka HOKIaI0B Meroauyeckue yka3aHus Juis HOATOTOBKH dcce, pedeparoB, KypCOBBIX padoT,
YTBEP)KICHHBIC HA 3aCeaHUU Kaeaphl MPUKITATHON MaTEMATUKU (aKyIbTeTa
KOMIBIOTEPHBIX TEXHOJOTUI U npukiagnoil Matematuku ®I'bOY BO
«Ky0I'Y», npotokos Ne7 ot 18.04.2018 1.

5. |[loaroroBka K pemieHUIo Meroauyeckre yKa3aHus 10 BBITOJHEHUIO PACUETHO-TpahUIeCKuX 3a/1aHNH,
pacueTHO-rpaduecKuX YTBEPKICHHBIC HA 3aCEaHUU Kaeaphl MPUKITATHON MaTEMATUKU (haKyIbTeTa
3amanuii (PT3) KOMITBIOTEPHBIX TEXHOJOTHH U npukiIagHoi Mmatematukun ®I'bOY BO

«KyO6I'Y», mporokon Ne7 ot 18.04.2018 r. MeTtoanyeckue ykazaHus 110
BBITTOJTHEHHIO CAMOCTOATENEHOM PabOTHI, yTBEPKICHHBIC HA 3aCeTaHUH
Kadeapsl IpUKIIaAHON MaTEeMaTHKH (PaKyIbTeTa KOMIBIOTEPHBIX TEXHOJIOTHI
n npukiagHoi MatemMaTikd @TBOY BO «Kyo6I'Y», mpotokon Ne7 ot
18.04.2018 r.

6. |IloaroroBka K TEeKymemy MeTtoandeckue yKa3aHHS MO BEITIOJHEHIIO CAMOCTOATENEHOW PaboOTHL,
KOHTPOJIIO YTBEPKJICHHBIC HA 3aCEIaHUU Kaeaphl MPUKITATHON MaTEMATUKU (aKyIbTeTa

KOMIBIOTEPHBIX TEXHOJOTUI U npukiagHoil Matematuku ®I'bOY BO
«Ky0I'Y», npotokos Ne7 ot 18.04.2018 1.

Y4eOHO-MeTOIMYeCKHe MaTepHallbl JUIsl CAMOCTOSITEIbHONW pPabOThl O0YyYaroUIuXcs W3

YHCJia MHBAJIKUIOB U JIUI C OTPAHUYEHHBIMU BO3MOXKHOCTSIMU 3710poBbsi (OB3) npenocrapinsitorces
B (hopMax, aJanTUPOBAHHBIX K OTPAHUYCHUSAM HX 37I0POBbS M BOCHPUATHS HH(OPMAIHH:

JIJ1st T ¢ HApYIICHUSIMH 3PCHHS

— B [1€4aTHOM (hopMe YBEIMYCHHBIM HIPUPTOM,

— B (hopMe 3IEKTPOHHOTO TOKYMEHTA,

— B ¢popme ayamo-gaiina,

— B TIeyaTHOU opMe Ha si3bike bpaiins.

JUnist 1 ¢ HapyIIEHUSIMH CITyXa:

— B IIeYaTHOU ¢opme,

— B (popMe 2IEKTPOHHOTO TOKYMEHTA.

JIJ1st TUT ¢ HApYIIEHUSIME OTIOPHO-/IBUTATEILHOTO amiapara:
— B I1e4aTHOM (opme,




— B hopMe IEKTPOHHOTO JTIOKYMEHTA,

— B (hopme aynuno-daiina.

JIaHHBIN TIepeyeHb MOXET OBbIThb KOHKPETH3HPOBAH B 3aBUCHUMOCTH OT KOHTHHICHTA
oOydJaronuxcs.

3. OOpa3oBaTe/ibHbIE TEXHOJIOTMH, NPHUMEHsieMble INPH OCBOCHHMH HCLHHUILIHHBI
(Moxys)

B mpouecce u3yueHus AMCUUIUIMHBI JIEKIMH, Ja00OpaTOPHBIE 3aHATUS, KOHCYJIbTAllUU
SABIIIOTCS  BeAylIMMH  ¢dopmMamMu  OoOydeHHS B paMKax  JIEKIIMOHHO-CEMUHAapCKOM
00pa3zoBaTeNbHON TEXHOJIOTHUH.

Jlekunn wu3MaralTCs B BHJAE INPE3CHTAUMHU C HCIOJIb30BAHUEM MYJIBTHUMEIUNHON
anmnapatypsl. JlaHHbIe MaTepuaibl B 3JIEKTPOHHON (opMe MepeaaroTcsi CTyACHTaM.

OcHOBHOM 11e/1bI0 TA0OPATOPHBIX 3aHATHH SABISETCA Pa3d0p MPAKTUYECKUX CHUTYalUi.
JIoTOTHUTEILHOM 1IEeTTbI0 JTa00PATOPHBIX 3aHATHH SBIISETCS KOHTPOJIb YCBOCHHS MPOHICHHOTO
matepuana. Ha nabopaTOpHBIX 3aHSATHSX TaKKe OCYIIECTBISCTCS MPOBEPKA BBITIOTHEHUS
3aJaHun.

[Ipu mnpoBeneHHM J1a0OPATOPHBIX 3aHATUI YYACTHHUKHM 3aKPEIUISIOT IMPOWICHHBIN
MaTepuag MyTeM OOCYXIEHHUsS BOMPOCOB, TPEOYIOIMX OCOOOTO BHUMAHUS M TOHUMAaHUS,
OTBEYAIOT Ha BOIIPOCHI IPENOAABATENS U IPYrUX CIyIIATENIeN, OCYHIIECTBIISIOT PELIEHHUS TECTOB,
HaIlPaBJIEHHBIX HA MNOBTOPEHHE JEKIMOHHOTO MaTepHalla MU HOPMATHBHBIX JOKYMEHTOB IO
U3y4yaeMOll TEMaTHKe, BBINOJIHSIOT pEIICHHE 3a/a4, KOTOpbIE CIOCOOCTBYIOT pPa3BHTHIO
MPAKTUYECKUX HaBBIKOB B 00JIACTH U3y4yaeMOU JUCIUIUINHBI.

B uncio BumoB paboTHI, BHITOIHIEMO CIYIIATENSIMUA CAMOCTOSITENILHO, BXO/AT:

1) mouck u U3y4eHue JUTEPATYPHI 10 paCCMATPUBAEMON TEME;

2) IOUCK M aHAJIM3 HAy4YHBIX cTaTel, MOHOTrpaduil o paccMaTpuBaeMon TeMe.

WNuTepakTuBHBIE 00pa3oBaTelbHbIE TEXHOJOTHH, MWCIOJIb3yeMble B  ayAUTOPHBIX
3aHIATHSIX: TPU peAM3alMd Pa3IUYHBIX BUIOB y4eOHOU paboOThl (JIEKIMH U MPAKTUYECKUX
3aHATUN) UCTIONIBL3YIOTCS CIEAYIOLe 00pa3oBaTeIbHbIE TEXHOIOTHH: AUCKYCCUU, TPE3CHTAINH,
KoH(pepeHIMU. B coueTaHwm ¢ BHEAyaUTOpPHOW pabOTONW OHM CO3MAIOT JOMOJTHHUTEIHHBIC
ycioBusi (OPMUPOBAHUSA U Pa3BUTHS TPeOyeMbIX KOMIIETEHIUMH OO0YyJaromMXcs, MOCKOIbKY
MO3BOJISIIOT  O0OECIEYUTh AKTUBHOE B3aUMOJCHCTBHE BCEX YYAaCTHHUKOB. OTH  METOJBI
CIOCOOCTBYIOT JTMYHOCTHO-OPUEHTUPOBAHHOMY MOIAXOAY.

Bce mnepeuncnennsie Buabl U (OpMBI  y4yeOHOM pabOTBI M TEKYyLIEro KOHTPOJIS
HampaBjeHbl Ha (opmupoBaHue Yy oOydarommuxcs mpodecCHOHATbHBIX KOMIICTCHIIHH,
NPEeIyCMOTPEHHBIX TPHU IUTAHUPOBAHMM  PE3YIbTAaTOB OOydYEHUS 1O JAUCHUIUIMHE U
COOTHECEHHBIX C IUIAHUPYEMBIMU pe3ylbTaTaMU OCBOEHHUSI 00pa30BaTeIbHON MPOTPaMMBbI.

JUig i ¢ OrpaHUYEHHBIMU BO3MOXHOCTSIMU 370POBbsI IIPEYCMOTPEHA OpraHu3alys
KOHCYJIbTAIlM C MCIOJIb30BAHUEM JJIEKTPOHHOW MOYTHl U YCTAaHABIMBAETCS OCOOBIM MOPSIOK
OCBOCHMS YKa3aHHOW TUCHMIUIMHBL. B 00pa3zoBaTenbHOM Mpoliecce MCTONb3YIOTCS COLUAIbHO-
aKTUBHbIE U pe(ieKCUBHbIE METOAbl OO0Yy4YeHHUsS, TEXHOJOTHH COLHAIBbHO-KYIbTYPHOU
peadbunuTaIy ¢ LEIbI0 OKA3aHUS MOMOIIY B YCTAHOBJICHHH IOJHOIEHHBIX MEKIUYHOCTHBIX
OTHONIICHUN C IPYTUMH CTYIAEHTaMH, CO3JaHUH KOM(OPTHOTO INCHUXOJOIMYECKOTo KiuMmaTa B
CTYIEHYECKOU IpyIIIE.

Brimeo3nauennbie  0oOpa3oBaTeNbHBIE TEXHOJIOTMH JaloT Haubosnee 3¢ GEeKTUBHbBIE
pe3yabTaThl OCBOCHMS TUCUMIUIMHBI C TMO3ULMK aKTyalu3alUd COJICPKAHUS TEMbl 3aHSATHUS,
BBIPAOOTKH MPOJYKTUBHOTO MBIIIJICHHS, TEPMUHOJIOTMYECKON IPaMOTHOCTH M KOMIIETEHTHOCTHU
o0yyaeMOro B acleKTe€ COLMAIbHO HANpaBJICHHOW mo3uimu Oynymiero OakanaBpa, U
MOTHBAIIMM K MHULIMATUBHOMY M TBOPUYECKOMY OCBOEHHIO y4e€OHOT0 MaTepuaia



4. OneHo4YHbIe CpeacTBA VI TEKYIIEero KOHTPOJIsl YCIIeBaeMOCTH M ITPOMEKYTOYHOM
aTTrecTanuu

OrneHouHBIE CpesicTBa MpeaHa3HAueHbl Ui KOHTPOJIS M OLEHKM 00pa3oBaTEeNbHBIX
JOCTIDKCHHH 00YyYarolmuXxcsi, OCBOMBIINX IMporpamMmy ydeOHOW mucnmrmuiiHbl «HelpocereBbie
MOJIETTN.

OcBoeHME TUCIUIUIMHBI MPEANOiIaraeT IBe OCHOBHbIE ()OPMBI KOHTPOJS — TEKyllas U
IIPOMEXKYTOUHAs aTTECTALlUs.

Texkymmii KOHTPOJIb YCIIEBAa€MOCTH OCYILIECTBISIETCS B TEUEHHUE CEMECTpa, B XOJe
NIOBCEJHEBHOM y4eOHOW paboOThl W TpeAroNaraeT OBJIAJACHUE MaTepHajaMH JICKIHH,
JUTEpaTyphl, MPOrpaMMbl, pabOTy CTYAEHTOB B XOJ€ IPOBEACHHS MPAKTUUYECKUX 3aHATHH, a
TaKXKe CUCTEMaTHUECKOE BBINOJIHEHHE TECTOBBIX paldoT, pelIeHre MPaKTHUECKUX 3a7ad U UHBIX
3alaHUA JUIsl CaMOCTOSITEIbHOM padOThI CTYAEHTOB. J[aHHBINH BUJ KOHTPOJISI CTUMYIHPYET Yy
CTYACHTOB CTPEMJICHHE K CHCTEMaTHYECKOW CaMOCTOSTEIbHONH paboTe 1O H3Y4YECHHUIO
muciumiiael. OH MpeAHa3sHaueH s OLEHKHM CaMOCTOATEIbHOM paldoThl ciymaTeneid Mo
PELICHHIO 33a/ay, BBINOJIHEHUIO INPAKTUYECKUX 3aJaHUM, MOABEIACHHUS WTOTOB TECTHUPOBAHMS.
OneHuBaeTcs Takke aKTUBHOCTh M KaUeCTBO PE3YJIbTaTOB MPAKTUYECKON pabOThl HA 3aHATHUSX,
y4acTHe B JUCKYCCHSIX, OOCYXJIEHUIX U T.1. MHIuBUAYyalIbHBIE U TPYIIIOBBIE CAMOCTOSITEIIbHBIE,
ayUTOpHBIE, KOHTPOJbHBbIE pabOTBl MO BCEM TeMaM JAUCLUUILIMHBI  OpraHU30BaHbI
€AMHO00pa3HBIM 00pa3oM. [IJis KOHTPOJISL OCBOCHHUS COJAEPKAHMS AUCUUIUIMHBI UCIOIB3YIOTCS
olleHOYHble cpeacTBa. OHM HampaBiIeHbl Ha ONpEJeIeHHE CTeNeHH CHOPMUPOBAHHOCTU
KOMIIETEHLIUH.

IIpomexyTouHass aTTecTauMs CTYICHTOB OCYIIECTBISIETCS B paMKaxX 3aBepIICHUS
W3YYEHHUs JUCLUUIUIMHBI U MO3BOJISIET ONPENEINTh KaueCTBO YCBOEHHUS M3YyUEHHOIO MaTepuala,
IpeJnoiaraeT KOHTPOJIb U YIpaBJIEHUE MPOLIECCOM MPUOOPETEHUsI CTyIEHTaMU HEOOXOIUMBIX
3HaHMW, yYMEHUs M HaBbKOB, onpenenseMbix no @®I'OC BO mno cooTBeTcTBYIOLIEMY
HAIPAaBJIEHUIO MTOJIMOTOBKU B KAUYECTBE PE3Y/IbTaTOB OCBOCHUS yU€OHON AUCHIUTIIINHBIL.

OneHouHble CpeACTBa JUIsl HMHBAJIUAOB M JMI C OIPAaHUYEHHBIMH BO3MOYKHOCTSIMH
3JI0POBbSI BEIOUPAIOTCS C YUETOM MX MHAMBUAYAIbHBIX ICUXO(PU3NUECKHX OCOOCHHOCTEH:

— Tpu HEOOXOJUMOCTH HWHBAIHMIAM M JIMIAM C OTPAaHUYCHHBIMH BO3MOXKHOCTSIMHU
3JI0POBBS IPEIOCTABIISAETCS IOMOJHUTEIBHOE BPEMsI JUIsl TIOATOTOBKH OTBETAa HA SK3aMEHE;

— IIpU TPOBEJICHUH TPOLEIYPHI OLICHUBAHUS PE3yJIbTATOB 00YyUEHHs] HHBAJINIOB M JIUIL C
OTpaHUYEHHBIMH BO3MOXKHOCTSMHU 370POBbsI MPEIyCMaTPUBAETCS HCIOIb30BAaHUE TEXHUYECKUX
CpeICTB, HEOOXOIMMBIX UM B CBSI3U C UX WHAMBUIYATbHBIMH OCOOCHHOCTSIMU;

— IIpU HEOOXOAUMOCTH AJIsi 00YHAIOIIUXCSl C OTPAaHUUYEHHBIMH BO3MOKHOCTSMH 370POBbSI
U MHBAJIWAOB TpOIEaypa OLCHUBAHUS pPE3YyJIbTaTOB OOY4YEHUS IO JUCLUUIUIMHE MOXET
MIPOBOAMTHCS B HECKOJIBKO 3TAIOB.

[Ipouenypa oleHUBaHUS PE3yabTATOB OOYYCHHS MHBAIUIOB U JIMII C OTPAHHYCHHBIMH
BO3MOXXHOCTSIMU 3[I0OPOBbSl 1O JUCHUIUIMHE (MOAYJIO) MpeAycMaTpHUBaeT IMpeaoCTaBICHUE
uHpopManMu B QopMax, aJanTHPOBAHHBIX K OTPAHUYCHHUSIM WX 3J0POBbS U BOCIPHUSATHUS
nHpOpMaIuu:

JList aL ¢ HapyLIEHUSIMU 3pEHUS:

— B IIeYaTHOU (popMe YBEITUUCHHBIM MIPUPTOM,
— B (popMe 3IIEKTPOHHOTO TOKYMEHTA.
Jlnia aui ¢ HapyIIeHUSIMH CyXa:
— B re4aTtHo# (opwme,
— B hopMe JIEKTPOHHOT'0 TIOKYMEHTA.
Jjist L ¢ HapyLIEHUSIMH OTTIOPHO-JBUTATEIBLHOTO alIapara:
— B IIleUaTHOU dopme,
— B (popMe 3IIEKTPOHHOTO TOKYMEHTA.

JlaHHBIN TepedyeHb MOXET ObITh KOHKPETU3MPOBAaH B 3aBUCUMOCTH OT KOHTHHIEHTA

00yJaromuxcs.



4.1 OneHo4HbIE CPeCTBA IS TEKYLIEro KOHTPOJIA YCIIeBAeMOCTH
4.1.1. Bompocbl KOHTPOJBLHOIO ONPOCAa B PaAMKAaX 3aHATHA JEKIMOHHOTO H
CEeMHHAPCKOr0 THIA
KoHTposbHBIE BOIPOCHI IO TEMAM:
Beeoenue 6 oucyunnuny, Ocnognvie ceedenusi o HelipoHHblx cemsx, Heliponunvie cemu 6
naxeme ST: Neural Networks, Hetiponnvie cemu ¢ Matlab
. [IpenmyiiecTBa HEMPOHHBIX CETEM.
. BBezieHne B HEMPOHHBIE CETH.
. OTaIbl pa3BUTHS HEHPOHHBIX CETEH.
. [Tapannenu u3 6uosnoruu. M3BecTHBIC TUIIBI CETEH.
. ba3oBas nuckyccTBeHHas MOJENb.
. OnpeneneHne NCKyCCTBEHHOTO HEMPOHA.
. OyHKIIMH aKTUBALUH.
. [IpuMeHeHne HEMPOHHBIX CETEH: pacro3HaBaHue 00Pa30B, MPOTHO3UPOBAHUE.
. IlpumeHeHne HEMPOHHBIX CeTeH: KilacTepu3alys, KiaccupuKarus.
. [IpumeHeHre HEHPOHHBIX CETEH: alMPOKCUMAILIUS, YIIPABJICHUE.
. Teopema KonmoropoBa-ApHoibaa.
. Pabora Xext-Hunbcena.
. Maremarnueckoe onucanue padboTel HEHPOHHOM CeTH.
. COop maHHBIX IJIs1 HEUPOHHOM CETH.
. OTOOp MEepeMEHHBIX U MOHWKEHUE Pa3MEPHOCTH.
. DTarnel pelieHus 3aaad.
. Knnaccudukanus 3anad.
. AnmapaTHas peanu3anus HEHPOHHBIX CETEH.
. IIporpaMMBbl MOIETUPOBAHUS UCKYCCTBEHHBIX HEMPOHHBIX CETEH.
. OGydeHre MHOTOCIIOHHOTO TIEPCENTPOHA.
. AropuT™ 00paTHOTO PACHPOCTPAHEHUSI.
. [lepeoOyuenue u o606menrne. OT6Op JaHHBIX.
. Kak o0y4aeTcst MHOTOCITONHBIN MEPCENTPOH.
. PagnanpHas 6a3ucHas pyHkius. OCHOBHbIE TPUHIIUIIBI.
. BepositHOCTHAs HelipoHHas ceTb. PNN-ceTn.
. O606meHnHo-perpeccuonnas HeiiponHas cetb (GRNN).
. JIuneitnas cersb.
. Helipo-renernueckuii anroput™ 0TOOpa BXOIHBIX JIAHHBIX.
. YrpaBnseMoe U HeynpasisieMoe 00ydeHue - 00ydeHHe ¢ yuuTeseM 1 0es3.
. 3amaun kiaccuukammm.
. Cetp Koxonena. Tononoruueckas kapra.
. Pemmenue 3amau knaccudukanyuu pa3TudHbIME THITAMH HEHPOHHBIX CETEH.
. Tabnmuma cTaTUCTUK KIIACCU(PUKALINU.
. [Toporu npuHATHS U OTBEPIKEHUS PEIICHHUIA.
. Pemmenue 3anau perpeccun B nakere ST: Neural Networks.
36. 3amaum aHanu3a BpPEeMEHHBIX psAfoB. [IporHo3upoBaHue OyaymMX 3HAYCHUIH
BPEMEHHBIX PSJIOB.
37. Ilporno3upoBanue BpeMeHHbIX psAoB B rakeTe ST: Neural Networks.
38. I'padmueckuit uaTepdeiic monp3obarens mis Neural Networks Toolbox B cucreme
Matlab.
39. Ilpoctoit HelpoH. DyHKIUSA aKTUBALIMY.
40. HelipoH ¢ BEKTOPHBIM BXOJIOM.
41. ApxutekTypa HEMPOHHBIX CETEH.
42. Co3nanue, MHULIMAIU3ALKsS 1 MOJEIMPOBAHUE CETH.
43. TIpouenypsl agantanu 1 o0ydeHus. Metobl 00yueHus. AJIrOPUTMBI 00ydeHUsI.
44. TlepcenTpoHBbl, IMHEWHBIC, pPaJUaIbHbIC OA3UCHBIE CETH.
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45. Cetu KjacTepu3alyu 1 Kiaccupuxanmuu

46. Camoopranusywoniuecs HeipoHHele cetu. LVQ-cetn.

47. Cern Dnmana. Cetu Xonduiaa.

48. Anmpokcumarnus U GuiIbTpamusi CUrHaaoB. CHUCTEMBI yIIpaBICHHUS.

49. BeruncnurenpHas MOJIENb HEHPOHHOM CETH.

50. ®opMupoBanue MojeNel HeUpoHHBIX ceTell. [Ipumenenune cuctemsr Simulink.

Ilepeuenb KOMNeTeHIMIi, TPOBePsSieMbIX OLIEHOYHBIM CPeICTBOM:

IIK-2 3HaeT OCHOBHBIE MOHATHS HEHPOCETEBBIX MOJEJCH; CIOCOOEH MPOBOAUTH IMOJ
Hay4YHbIM PYKOBOJCTBOM HCCJIEIOBAHUE HA OCHOBE HEHWPOCETEBBIX MOJEIEH B KOHKPETHOM
o0mact npohecCHOHAIBHON JesITeIbHOCTH.

IIK-7 CrnocoOeH HCIOIb30BaTh COBPEMEHHBIE METOMABI Pa3paboTKH M pean3ariuu
KOHKPETHBIX aJrOPUTMOB HEHpPOCETEBBIX MoOjeNe Ha 0a3e SA3BIKOB NPOTrPAMMHUPOBAHUS U
MaKeTOB MPUKIIAIHBIX IPOTPAMM MOJECITUPOBAHUS.

Kpurepumn oueHku:

«HGYI[OBJ'IGTBOPI/ITCJIBHO» — €CJIn CTYZ[GHT HC 3HACT 3H3‘-IHT€J'H>HOI>1 yacTu MaTCpI/IaJIa
M3y4aeMOM TEMBbI, JOIMYCKAET CYIIECTBEHHBIC ONTUOKU, C OOJBITMMU 3aTPYJAHCHUSIMHA OTBEYACT
10 3aJaHHOMY BOIIPOCY TEMBI,

«YIOBJICTBOPUTEIHLHO» — CTYACHT JIEMOHCTPHUPYET (parMeHTapHbIC MPEIACTABICHUS O
COIICp)KaHI/II/I 1/13yqaeM01‘/’1 TCMBI, yCBOI/IJI TOJIBKO OCHOBHOfI MaTepI/IaJI, HO HC 3HACT OTACJBHBIX
JeTanei, JOIMyCKaeT HETOYHOCTH, HEJAOCTATOYHO NpaBWIbHBIE (OPMYITHUPOBKH, HapyIIaeT
IIOCJICA0OBATCIIBHOCTDh B U3JIOKCHUN HpOI‘paMMHOFO MaTepI/Iaﬂa;

«XOpOIIO» — CTYJICHT JEMOHCTPHUPYET OOIIMe 3HAHUS 0 TeME CEMHUHApa, TBEPAO 3HACT
MaTepual 10 TeME, I'PaMOTHO U IO CYIIECTBY M3JIAracT €ro, He IOIIYCKAET CYIIECTBEHHBIX
HETOYHOCTEH B OTBETE HA BOIPOC, MOXKET MPABUIIBHO MIPUMEHSATh TEOPETUUECKHUE TTOJI0KCHHUS;

«OTIUYHO» — CTYAEHT JEMOHCTPUPYET TNTyOOKHe W MPOYHBIE CUCTEMHbIC 3HAHUS TI0
M3y4aeMoOU TeMe, UCUEPITBIBAIOIIIE, ITOCIEA0BATEIbHO, TPAMOTHO U JIOTUYECKH CTPOWHO HM3J1araet
OTBCT, HC 3any2[H$ICTC5I C OTBCTOM HpI/I BUJONU3MCHCHUU Bonpoca, yMCeT CaMOCTOSTCIIBHO
000011aTh ¥ W31araTh MaTepua, He TOMyCcKas OIIMOOK.

4.1.2. KoHTpOJbHBIEC PA00THI 10 Y4eOHOH AN CUMIIJIMHE

Tema 1: [Ipe/nocm npoyeccuposanue. Mroeocaotinwiii nepcenmpor (MLP)

3amanue 1. Coznath HEeWpoHHYIO ceThb Juist pemeHus 3aaadn XOR B makere ST: Neural
Networks.

3amanue 2. Co3marth HEMPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 3. Co3marth HEMpPOHHYIO CeTh Ui anmpokcumanuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 4. Co3naTh HEMpPOHHYIO CEeTh JJIsl PELICHHS 3aJayd KiIacCU(UKALUU I[BETOB
Upwuca B makere ST: Neural Networks.

3amanue 5. Co3marth HEMpPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 6. Co3marth HEMPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3ananue 7. Co3naTh HEMPOHHYIO CETh AJIs PELIEHUs 3a7auu perpeccuu 1seTos Mpuca B
nakete ST: Neural Networks.

3amanue 8. Co3marTh HEMPOHHYIO CeTh Ui anmpokcumauuu ¢GyHkuuu B nakere ST:
Neural Networks.



Tema 2: PaouanvHas 6azucnas ynkyus. Beposmuocmuas nelponnas cems.

Obobwenno peepeccuonHas HeliporHas cemo. Jlunetinas cemo.

3amanue 1. Co3maTh HEHPOHHYIO CETh pajuanbHON Oa3uCHON (YHKUMH A PELICHUsS
3amaun perpeccuu 11BeToB Mpuca B makere ST: Neural Networks.

3amanue 2. Co3gaTh BEpPOATHOCTHYKO HEHPOHHYIO CE€Thb Ul pEUIEHMs 3aJadd
knaccudukanuu nuBetoB Mpuca B makete ST: Neural Networks.

3ananue 3. Co3naTh 0000IEHHO-PErPECCUOHHYIO HEMPOHHYIO CETh JJIsl PELICHUS 3a/1a41
perpeccun nBeToB Mpuca B makere ST: Neural Networks.

3ananue 4. Co3maTh JIMHEHHYI0 HEHPOHHYIO CETh Ul DPELIEHUS 3aJaudl PErpeccuu
nBetoB Mpuca B makete ST: Neural Networks.

3amanne 5. Co3naTh HEHPOHHYIO CeTh paAuaibHON Oa3sucHOM (QyHKIMM  1Jis
anmpokcuManmu  Gyaknun B maketre ST: Neural Networks. CpaBHUTH pesymbTaT ¢
MHOT'OCJIOMHBIM IIEPCENTPOHOM.

3amanue 6. Co3gaTh HEHPOHHYIO CETh paauaibHOM Oa3ucHOM (QyHKIHUHA IS
annpokcuMmanmn ¢ynkuun B makere ST: Neural Networks. CpaBHuth pesynabTar ¢
MHOTOCJIOMHBIM EPCENITPOHOM.

3amanne 7. Co3pmaTh HEHPOHHYIO CeTh paAMaibHON Oa3sucHOM (QyHKIMM  1Jis
anmpokcuManmu  Gyaknun B maketre ST: Neural Networks. CpaBHuUTH pesynbTaT ¢
MHOT'OCJIOMHBIM IIEPCENTPOHOM.

Tema 3: Cemwv Koxonena

3aganue 1. Co3nath HepoHHYIO ceTh KOXOHEHa NI pelieHus: 3aadyd KJIacTepu3aiuu
nBetoB Mpuca B makete ST: Neural Networks. [TocTpouTs Tononorunaeckyro Kapry.

3aganue 2. Co3nath HEMPOHHYIO ceTh KOXOHEHa NI pelieHus 3a1adyd KJIacTepu3auu
cTpouTenbHbIX npennpusatiii Kpacnonapckoro kpast B makete ST: Neural Networks. IToctpouts
TOIOJIOTMYECKYIO KapTy.

3ananue 3. Co3nath HeWpOHHYIO ceTh KOXOHEHa Ul peleHus 3al1ayd KiacTepu3alyu
CeBbCKOX035MCTBeHHBIX Tpennpusatuii Kpacnomapckoro kpas B makere ST: Neural Networks.
[TocTpoUTh TOMOJIOTMYECKYIO KapTy.

3aganue 4. Co3nath HEMPOHHYIO ceTh KOXOHEHa NI pelieHus: 3aadyd KJIacTepu3auu
TOPrOBO 3aKyMo4HbIX npeanpustuii KpacuHomapckoro kpas B makere ST: Neural Networks.
ITocTpOUTh TOMOJIOTMYECKYIO KapTy.

3aganue 5. Co3nath HelpoHHYIO ceThb KoXOHeHa aJig pellleHus 3a/lauu KiacTepus3aluu
perunonoB Kpacnomapckoro kpas B makete ST: Neural Networks. IloctpouTs Tomosmornueckyro
KapTy.

3aganue 6. Co3narth HEMPOHHYIO ceTh KOXOHEHa NI pelieHus: 3a1adyd KJIacTepu3aluu
¢unancoBoro cocrossHuss peruoHoB P® B makere ST: Neural Networks. Iloctpouts
TOIOJIOTMYECKYIO KapTy.

3aganue 7. Co3nath HEeWpoHHYIO ceThb KOXOHEHa AJid pellleHus 3a/lauu KiacTepus3aluu
comuanbHOro coctosinus peruoHoB P® B makere ST: Neural Networks. IToctpoutsb
TOIOJIOTMYECKYIO KapTy.

3aganue 8. Co3narth HEMPOHHYIO ceTh KOXOHEHa NI pelieHus: 3a1auyd KJIacTepu3auu
OKOHOMHYECKOTO pa3Butus pernoHoB P® B makere ST: Neural Networks. Iloctpouts
TOIOJIOTMYECKYIO KapTy.

Tema: 4 Pewenue 3a0au knaccuguxayuu 6 naxkeme ST. Neural Networks

3amanue 1. Pemmth 3amauy xmaccudukanuu nseroB Mpuca B makere ST: Neural
Networks. C mnoMoIIbI0O HMHTEUIEKTYalIbHOTO IOMOLIHMKA JAaHHBIX U CaMOCTOSITENIBHO,
UCTIOJNIB3YSl PA3UYHbBIE TUIBI HEHPOHHBIX ceTel. CpaBHUTH pe3ynbrar. PaboTy mpencTaBuTh B
Tpex Buaax: TmedaTHoM (pedepar), MymbTUMEAWMHHOM (TIpE3EHTAIMs) U MPOrPAMMHOM
(cozmannbie HelipoHHble cetu B makere ST: Neural Networks). I[ocnennue aBa 3amucaTh Ha
3JIEKTPOHHBIA HOCUTEb.



3amanue 2. PemmuTh 3amauy  KIacCH(UKAMKM  CTPOUTEIBHBIX  MPEANPHUSTHHA
Kpacnogapckoro kpas B makere ST: Neural Networks. C momomipl0 WHTEUICKTYaTbHOTO
MOMOIIHAKA JAaHHBIX U CAMOCTOSITENIBHO, WCIONB3YS Pa3IUYHbIE THIBI HEHPOHHBIX CETEH.
CpaBHuTh pe3ynabTaT. PaboTy mpencraButh B Tpex Buaax: medaTHoMm (pedepar),
MyJbTUMEAUMHOM (TIpe3€HTalusl) U IPOrpaMMHOM (CO37aHHbIE HEHPOHHBIE ceTH B nakere ST:
Neural Networks). [Tocneqnue aBa 3amucath Ha JIEKTPOHHBIN HOCUTEITb.

3amanue 3. PemmuTh 3amady KiaccH(UKaIMU CEIbCKOXO3SIMCTBEHHBIX MPEINPUSATHIA B
nakete ST: Neural Networks. C MmOMOIIbI0O HHTEIJIEKTYJIBHOTO TIOMOIITHUKA JaHHBIX H
CaMOCTOSITENILHO, UCTIONB3YsI PA3IMYHBIC THUITEI HEHPOHHBIX ceTeil. CpaBHUTH pe3yibTar. PaboTy
MpEeACTaBUTh B TPEX BHHax: IMedaTHOM (pedepar), MynbTUMEAUHHOM (TIpE3EHTAIUsA) U
nporpaMMHOM (co3anHbie HelipoHHble ceTH B makeTe ST: Neural Networks). [locinennue nsa
3arycaTth Ha 3JEKTPOHHBIA HOCUTEIT.

3amanue 4. Pemmth 3amady KiacCHUKAMM TOPTOBO-3aKYMOYHBIX MPEITPUSATHIA
Kpacnogapckoro kpas B makere ST: Neural Networks. C momomipl0 WHTEUICKTYaTbHOTO
MOMOIIHAKA JAaHHBIX U CAMOCTOSITENIBHO, WCIONB3YS Pa3TUYHbIC THIBI HEHPOHHBIX CETEH.
CpaBHuTh pe3ynabTaT. PaboTy mpencraButh B Tpex Buaax: medaTHoMm (pedepar),
MyJbTUMEAUMHOM (Tpe3€HTalusl) U IPOrpaMMHOM (CO37aHHbIE HEHpPOHHBIE ceTH B nakere ST:
Neural Networks). [Tocneaaue aBa 3amucath Ha JIEKTPOHHBIN HOCUTEITb.

3amanue 5. Pemmth 3amauy knaccupukanmuu (PUHAHCOBOTO COCTOSIHHUSI PETHOHOB
Kpacnogapckoro kpas B makere ST: Neural Networks. C momomipl0 WHTEUICKTYaTbHOTO
MOMOIIHAKA JAaHHBIX U CAMOCTOSITENIBHO, WCIONB3YS Pa3IUYHbIE THIBI HEHPOHHBIX CETEH.
CpaBHuTh pe3ynabTaT. PaboTy mpencraButh B Tpex BuAax: medaTHoMm (pedepar),
MyJbTUMEAUMHOM (TIpe3€HTalusl) U IPOrpaMMHOM (CO37aHHbIE HEHPOHHBIE ceTH B nakere ST:
Neural Networks). [Tocneanue aBa 3anmucath Ha JIEKTPOHHBIN HOCUTEITb.

3amanue 6. PemuTh 3amady KiIacCUUKAIMHU COIHUAIBHOTO COCTOSHUS PETHOHOB
Kpacnogapckoro kpas B makere ST: Neural Networks. C momomipl0 WHTEUICKTYaTbHOTO
MOMOIIHAKA JAaHHBIX U CAMOCTOSITENIbHO, WCIONB3Ys Pa3IUYHbIE THIBI HEHPOHHBIX CETEH.
CpaBHuTh pe3ynabTaT. PaboTy mpencraButh B Tpex BuAax: medaTHoMm (pedepar),
MyJbTUMEAUMHOM (Tpe3€HTalusl) U IPOrpaMMHOM (CO37aHHbIE HEHpPOHHBIE ceTH B nakere ST:
Neural Networks). [Tocneanue aBa 3amucath Ha JIEKTPOHHBIN HOCUTEITb.

Tema 5: GUI uumepdgetic ons INIITIT NNT

3amanue 1. Co3mare HeilipoHHyI0 ceTh g pemeHus 3agaun XOR B makere Neural
Network Toolbox cucrtemsr Matlab. CpaBuuTh pesynbTat ¢ maketom ST: Neural Networks.

3amanue 2. Co3marth HEMpPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 3. Co3marth HEMpPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 4. Co3gaTh HEMpPOHHYIO CEeTh JJIsl PELICHHS 3aJayd KiIacCU(UKALUU I[BETOB
Upuca B makere ST: Neural Networks.

3amanue 5. Co3marh HEMpPOHHYIO CeTh Ui anmpokcumanuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 6. Co3marth HEMPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3amanue 7. Co3marh HEMpPOHHYIO CeTh Ui anmpokcumauuu ¢yHkuuu B nakere ST:
Neural Networks.

3ananue 8. Co3naTh HEHPOHHYIO CETh AJIs PELIEHUs 3a7auu perpeccuu 1seTos Mpuca B
nakete ST: Neural Networks.



Tema 6: [Ipoyecc neuemrxozo modenuposanusi 8 cpede Matlab

[Tpoekt Ne 1. Co3gaTh HEYETKYIO MOJIEb YIPABIECHUSI CMECUTEIEM BOJbI PU MPUHATHI
nyma B Fuzzy Logic Toolbox cuctembr Matlab ¢ ucmons3oBaHueM CpeicTB IpaduuecKoro
uHTepderica.

ITpoext Ne 2. Co3pmaTh HEUETKYIO MOJENb YIPABICHUS KOHAMIMOHEPOM BO3IyXa B
nomernieHn B Fuzzy Logic Toolbox cuctembr Matlab ¢ ncrons3oBanuem cpencTB rpadudecKoro
uHTepdeiica.

[Tpoekt Ne 3. Co3math HEUETKYIO MOJEb YIPaBJICHUS KOHTEHHEPHBIM KpaHoM B Fuzzy
Logic Toolbox cucremsr Matlab ¢ nucnonbp3oBanuem cpencTs rpaduyeckoro uHTEpdeiica.

[Tpoekt Ne 4. Co3nath HEUETKYIO MOJEIb YIPaBJICHUS KOHTEHHEPHBIM KpaHoM B Fuzzy
Logic Toolbox cucrembr Matlab B koMaHIHOM pekuMme.

[Tpoekt Ne 5. Co3marh HEYETKYIO MOJIENb YIPABICHHUS KOHIWIIMOHEPOM BO3AyXa B
nomerienuu B Fuzzy Logic Toolbox cucrembr Matlab B koMaHIHOM pekume.

[Tpoekt Ne 6. Co3gaTh HEYETKYIO MOJIENb YIPABIECHUSI CMECUTEIEM BOJbI PU MPUHATHI
nyma B Fuzzy Logic Toolbox cuctembr Matlab ¢ ucmons3oBaHueM CpeicTB IpadruecKoro
uHTepdeiica B KOMaHAHOM PEKUME.

IMpoekr Ne 7. Co3maTh HEUYETKYI0 MOJENb OLCHKH (DMHAHCOBOW COCTOSTEILHOCTH
KJIMEHTOB TIPHU MPEI0CTaBICHUH OaHKOBCKUX KpeauToB B Fuzzy Logic Toolbox cuctemsr Matlab
C MCIIOJIb30BAaHUEM CPECTB Ipaduueckoro uurepgeiica.

[Tpoext Ne 8. Co3maTh HEYETKYH0 MOJIeTh OICHKHM ()MHAHCOBOW COCTOSTEIBHOCTH
KJIMEHTOB TpH NpeJocTaBleHH 0aHKOBCKUX KpenuToB B Fuzzy Logic Toolbox cucremsr Matlab
B KOMaHJAHOM PEKUME.

Ilepeuenb KOMNeTeHIHIi, TPOBePsieMbIX OLIEHOYHBIM CPeICTBOM:

IIK-2 3HaeT OCHOBHBIE MOHSATHS HEHPOCETEBBIX MOJEJCH; CIOCOOEH MPOBOAUTH IMOJ
Hay4YHbIM PYKOBOJCTBOM HCCIJIEIOBAHME HA OCHOBE HEHWPOCETEBBIX MOJEIEH B KOHKPETHOM
o0mact npohecCHOHAIBHON JesITeIbHOCTH.

IIK-7 CrnocoOeH HCIMOIb30BaTh COBPEMEHHBIE METOMABI Pa3paboOTKH M pean3ariuu
KOHKPETHBIX aJrOPUTMOB HEHpOCETEBBIX MoOjeNe Ha 0a3e SA3BIKOB NPOTrPAMMHUPOBAHUS U
MaKeTOB MPUKIIAIHBIX IPOTPAMM MOJIECITUPOBAHUS.

Kpurepun oneHuBaHMsI KOHTPOJbHBIX PadoT:

«HeyodosremeopumenvHoy — 1-5 0amna — UCHBITBIBACT TPYAHOCTH TNPUMEHEHUS
TEOPETHYECKUX 3HAHWH K PENICHUI0 NPAKTHYECKUX 3a/ad; JOMYCKAeT TNPHHIUIHAAIEHBIC
OLIMOKH B BHITOJIHCHUU 33JJaHUK;

«yoosnemeopumenvro» — 6—10 GaIOB — MPUMEHSET TEOPETUIECKUE 3HAHUS K PEIICHUIO
3aJaHUi B KOHTPOJIBHOH 3aja4e; CIpaBIIE€TCS C BBHIMOJHEHHEM TUIOBBIX NMPAKTHUYECKUX 3a/1ad
10 U3BECTHBIM aITOPUTMAaM, IPABUIIAM, METO/IaM;

«xopouwoy — 10-25 6aoB — NpaBUIILHO MPUMEHSET TEOPETUUECKUE 3HAHUS K PEIICHUIO
3aJaHU B KOHTPOJBHOW 3a/1aue; BBIMOJIHSACT THUIIOBBIE NPAKTHYECKHUE 3aJaHHsi Ha OCHOBE
aJICKBaTHBIX METOJIOB, CHOCOOOB, MPHEMOB, pEIIAeT 3aJaHUs IOBBIIMICHHONH CIOXKHOCTH,
JIONYCKaeT He3HAYUTEIILHBIC OTKIIOHCHHS;

«omauynoy — 16-20 0GamnoB — TBOPYECKHM NPHUMEHSET 3HAHUS TEOPHHM K PEIICHHIO
3aJaHU B KOHTPOJBHOW 3ajade, HAXOMUT ONTHMAJbHBIC PEIICHUS JUIS BBIOJTHEHUS
NPaKTUYECKOTO 3a/laHusl; CBOOOIHO BBIMOJIHSAET TUIOBbIE NMPAKTUYECKUE 33/JaHUS Ha OCHOBE
a/IeKBaTHBIX METOJIOB, CITIOCOOOB, IPUEMOB; PEIIaeT 3aaHHs MTOBBIIICHHON CIIOKHOCTH, HAXOAUT
HECTaHJAPTHbIC PEIICHHUS B IPOOJIEMHBIX CUTYAIIHAX.



4.1.3. BoinoJjiHeHue J1a00paTOPHBIX padoT 110 BceM TeMaM
VYKkazaHus K BBIIIOJHEHUIO J1a00paTOPHBIX pabOT MPEACTaBIECHO B IPUIOKEHUN.
Ilepeyenr koMmeTeHHMI (YacTH KOMIIETEHIIMHM), IPOBepPsieMbIX OLCHOYHBIM

CpeacTBOM:

IIK-2 3HaeT OCHOBHBIE MOHSTHS HEHPOCETEBBIX MOJEJCH; CIOCOOEH MPOBOAUTH IMOJ

Hay4YHBIM PYKOBOJCTBOM MCCIIEIOBAaHHE HA OCHOBE HEHPOCETEBBIX MOJENEH B KOHKPETHOM
obnactu npodeccnoHabHON 1eATeTHbHOCTH.

IIK-7 CrnocoOeH HCMOIb30BaTh COBPEMEHHBIE METOMABI Pa3paboTKH M pean3ariuu

KOHKPETHBIX aJrOPUTMOB HEHpOCETEeBBIX MoOjeNe Ha 0a3e A3BIKOB NPOTrPAMMHUPOBAHUS U
[IaKETOB MPUKIIAIHBIX IPOTPAMM MOJEIUPOBAHUS.

No OneHka
I /;I Kpurepun orniennBanus 1abopaTopHOi paboThI 3ayer /
He3ayeT

JlaHo KpaTKoe onmrcaHie 00bEKTa NCCIICIOBAHMS

[TpoBeneH aHamu3 CTpaTernuecKuX Mmoka3areneil 00beKTa UCCIICIOBAHUS

[TocTpoena n 00ydeHa HEHPOHHASI CETh

ITocTpoens! rpaduku, npuBeieHa CTPYKTypa

1
2
3
4. | IlpoBeneHo TeCTUpOBAHNE HEUPOHHOM CETH HA HOBBIX TAHHBIX
5
6

Co3maH oT4eT 0 MpojAeIaHHo# paboTte

Kaxxnas naboparopHas paboTa cUuTaeTcsi BHIMOJIHEHHON — «3a4TeHa), €CIU BBIITOJHEHBI

3/4 npennoKEeHHBIX ITYHKTOB.
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4.2 @oH OLIEHOYHBIX CPEICTB VISl MPOBEAeHUA MPOMEKYTOUYHOM aTTecTaluu

Bonpochl 1J151 NOATOTOBKH K 3a4eTy
IIpuMepHBIii IEpeYeHb BOIIPOCOB HA 3a4€T 110 AUCLUIUIMHE
(ITIK-2, I1K-7)

. BBenenue B HelipoHHbIE ceTH. [IpenMyniecTBa HEHPOCETEBBIX TEXHOJIOTHI.

. DTaIbl pa3BUTHS HEHPOHHBIX CETEH.

. [Tapannenu u3 6uonoruu. M3pecTHpie TUTIBI ceTei. Tomosorus.

. ba3oBast MareMaTnueckast ICKyCCTBEHHAsl MOJIEIb.

. OnpeneneHne NCKYCCTBEHHOTO HEHPOHA.

. OyHKIIUM aKTUBAIIUH.

. [lpuMeHeHne HEMPOHHBIX CETEi: pacro3HaBaHue 00pPa30B, MPOTHO3UPOBAHUE.
. [I[puMeHeHre HEMPOHHBIX CeTeM: KiIacTepu3aIys, KiiacCu(pUKaIlusI.

. [IpuMeHeHre HEMPOHHBIX CETEH: allIpOKCUMALINs, YIIPABICHUE.

. Teopema KonmoropoBa-ApHomba.

. Pabora Xext-Humnncena.

. Maremarnueckoe onucanue paboThl HEHPOHHOM CETH.
. COoop maHHBIX 111 HEUPOHHOMN CETH.

. OT60p nepeMeHHbIX U MOHIKEHNE PA3MEPHOCTH.

. DTansbl penieHus 3aay.

. Kimaccudukanms 3amad.

. AnmapartHas peanu3anns HEHPOHHBIX CETEH.

. IIporpaMmMbl MOJEIMPOBAHUS UCKYCCTBEHHBIX HEUPOHHBIX CETEH.
. Oby4eHue MHOTOCIIOMHOTO MEPCENTPOHA.

. Aaroput™M oOpaTHOTO PACIIPOCTPAHEHHUS.

. [lepeoOyuenue u 0606menue. OTOOp AaAHHBIX.



22. Kak 00y4aeTcss MHOTOCJIONHBIN MEPCETITPOH.

23. PagunanwHas 6azucHas ¢pyHkius. OCHOBHBIC TPUHITUTIEL.

24. BeposiTHOCTHas HelipoHHas ceTb. PNN-ceTn.

25. O600menHo-perpeccuonnas Heiiponnas cetb (GRNN).

26. JIuneiHas ceTb.

27. Helipo-reHeTHYECKUM allTOPUTM OTOOpa BXOTHBIX JAHHBIX.

28. Ynpagnsiemoe U HeyIpaBisieMoe 00ydeHue - o0yueHue ¢ yuuresneM u 0es.

29. 3amaun kmaccuUKaInu.

30. Cetp Koxonena. Tonosornueckas kapra.

31. Pemenue 3amay kiaaccuUKaIUy pa3TuIHBIMHA TUTTAMH HEUPOHHBIX CETEH.

32. Tabnuiia CTAaTHCTUK K1acCU(DUKAITIH.

33. [loporu NpuHATHS U OTBEP>KEHUS PELICHUM.

34. Pemenue 3ama4 perpeccuu B makere ST: Neural Networks.

35. 3amaum aHanm3a BpeMEHHBIX psAnoB. [IporHo3upoBanue Oyaylux 3HAYCHHH BPEMEHHBIX
PAIOB.

36. IIporno3upoBanue BpeMeHHBIX psanoB B akete ST: Neural Networks.

37. I'paduueckuii uatepdeiic mons3oparens ans Neural Networks Toolbox B cucteme Matlab.
38. [IpocToii HelipoH. DYHKIUS AKTUBAIUU.

39. HelipoH ¢ BEKTOPHBIM BXOJIOM.

40. ApxuTeKkTypa HEUPOHHBIX CETEH.

41. Coznanue, MHULIMAIU3ALMSA U MOAEITUPOBAHUE CETH.

42. IIponienypsl amantanuu u 00ydeHust. MeTonbl oOydeHus. AIropuT™Mbl 00yICHHUSI.
43. IlepcenTpoHbl, TMHEHHBIE, pagralbHbIC 0a3UCHBIC CETH.

44. CeTu KacTepu3anyy 1 Kiaccuukanuu

45. Camoopranusytouuecs HeliponHslie cetu. LVQ-cetn.

46. Cetn Dnmana. Cetu Xonduiaa.

47. Annpokcumanyst v GuibTpanus curaanoB. CHCTEMbI YIIPaBICHUS.

48. BeruuciaurenpbHas MOACIb HEHPOHHOM CETH.

49. ®opmupoBaHue Mojesel HepoHHBIX ceTeil. [pumenenune cucremsl Simulink.

MeToanyecKue peKOMeH/IalMM K caye 3a4eTa M KPUTePUH OLIEHKHU 0TBeTa

ITpomesxyTouHas arrecTalusl TPaJULMOHHO CIy’KaT OCHOBHBIM CPEJICTBOM OOeCledeHUs
B yueOHOM Tmpolecce «oOpaTHOW CBA3M» MEXAYy NpernojaBaTeieM M 00Yy4aroluMcs,
HEOOXOAUMON ISl CTUMYJIUPOBAHUs PabOThl 00Y4aIOIUXCS U COBEPLICHCTBOBAHHUS METOAMKH
IpenosiaBaHus y4eOHBIX AUCHUIUIMH. MToroBoit ¢Gopmoii KOHTposisi C(HOPMUPOBAHHOCTH
KOMIIETEHIIMH, oOydaromuxcs no aucuuiuinHe «HelipocereBble Monenn» SBISETCS 3auer.
CryneHTtbl 00513aHBI CIaTh 3a4eT B COOTBETCTBUH C PACITUCAHUEM M YUYEOHBIM IUIAHOM. 3aueT 1o
JTUCLUIUIMHE MpecienyeT Lesb OLEHUTh PaboTy CTyIEHTa 3a KypC, MOIY4YEHUE TEOPETUUYECKUX
3HaHUH, WX TPOYHOCTh, pA3BUTHE TBOPUYECKOTO MBIIUICHUS, TPHOOPETEHNUE HABHIKOB
CaMOCTOSITENIbHOM  paboThl, yMEHHE MPHUMEHATh IOJIYYEHHbIE 3HAHWS [UId pELICHUA
NPaKTUYECKUX 3a]a4 U sIBIIsETCS (POPMOI KOHTPOJISL YCBOCHUS CTYACHTOM Y4eOHOW MpOrpaMMbl
[0 JUCLUIUIMHE, BBIIOJHEHUS MPAKTUYECKUX, KOHTPOJIbHBIX, pedepaTuBHbIX pabor. dopma
NpPOBEICHUS 3adeTa: YCTHO. Pe3ynbraT craum 3ayera MO MPOCIYIIAHHOMY KypCy IOJDKEH
OLIEHUBATbCSI KaK UTOT JEATEIBHOCTU CTYIEHTa B CEMECTpPE, a MMEHHO — IO IMOCELaeMOCTH
JeKIMHA, pe3ynbTraTaM paboThl Ha JIEKIMOHHBIX M TMPAKTHUYECKUX 3aHATHUAX, MPOXOKICHHS
TECTOBBIX 3aJJaHUM, PELIEHUs pacyeTHO-rpaUUecKUX 3aJaHuil W 3ajad, BBIIOJHEHUS
KOHTPOJIMPYEMOM caMOCTOSTeNbHONW pa®oThl. CTYAEHTHI, MPOLICAIINE BCE BUIbI MCIBITAaHHM,
IPEIYCMOTPEHHBIX OLEHOYHBIMH CPEACTBAMM IOJIOKUTENBHO (T.€. MO KaXKAOMY BHUAY
OLIGHOYHBIX CPEJICTB OBLIH MOJIyYEHBI OLEHKHU «yIOBIECTBOPUTEIHHOY, U(MIIH) «XOPOIIIOY», H(HIH)
«OTJIMYHO») BBICTABIAETCS «3aureHOo». IIpu 3TOM nomyckaercs Ha O4HOM (opme oOyueHHs
npornyck He Oonee 20% 3aHATH, ¢ 00s3aTeNbHONW OTPaOOTKON MPOMYIIEHHBIX CEMUHApOB.
CryneHTbl, y KOTOpBIX KOJHMYECTBO IIPOITYCKOB, IPEBBIIIACT YCTAHOBJIEHHYO HOpPMY, HE



BBINOJIHUBIINE BCE BHJIBI padOT W HEYIOBICTBOPUTEIHHO pabOTaBIIME B TEUYEHUE CEMECTpa,
IPOXOJAT coOece0BaHUE C MPENOoiaBaTeNeM, B BUJ€ YCTHOTO OTBETa HA OJUH TEOPETHUYECKHH
BONIPOC M peIIeHHs  OJHOTO  pacueTHo-rpaduyeckoro  3aaanus. [IpemonaBatenio
IPEJOCTABIIAETCS MPaBO 3aJaBaTh CTYJIEHTAM JOIOJHHUTEIbHBIE BOIPOCH! MO BCel y4eOHOM
Iporpamme AMCLUIUIMHBL. Pe3ynbrar cnayu 3ayera 3aHOCUTCS IIPENOAABATENIEM B BEJOMOCTb U
3a4eTHYIO0 KHIKKY. Kputepnu oneHku 3a4era. OLeHKa «3a4TE€HO» BBICTABIIAETCS CTYNEHTY, €CIIN
JlaH TIOJIHBIM Pa3BEPHYTHIA OTBET HA TEOPETUUYECKUN BOIPOC, JIOTUYECKU IIPABUIIBHO U3JI0KEHBI
OTBEThl HAa JOINOJHMUTENBHBIE BOIPOCHI; CTYAEHT IIOKa3al yMEHHE CBOOOJHO BBIIOJIHATH
pacueTHO-rpaduyeckoe 3agaHue, MPEIYCMOTPEHHOE JUCHHUIUIMHOM, CaMOCTOSTEIbHOCTh
pelleHns 3aJaHusl W NPUBOAMMBIX CYXKACHHW; BCE PAcUeThl CHAEIaHbl NPABUIBHO; BBIBOJIBI
BBITEKAIOT M3 COJACpPXKAHUS 3aJaHusl, MPEUIOKEHUs] 00OCHOBAaHbBI, B M3JI0KEHHUH OTBETOB HET
CYIIECTBEHHBIX HEJOCTAaTKOB. B TO e BpeMs B OTBETE MOT'YT IIPACYTCTBOBATh HE3HAYUTEIIbHBIC
(dakTHUeckue OMMOKM B HM3JI0KEHHU Marepuana. OIEHKa «HE 3a4T€HO» BBICTABISIETCS NPHU
HECOOTBETCTBMM OTBETAa 33JJaHHOMY BOIPOCY, HAJIMYUM I'PyObIX OLIMOOK, MCIOJIb30BAHUU IIPU
OTBETE HEHA/UIeKAIIMX HMCTOYHUKOB; CTYICHT IOKa3ajdl MpoOeiasl B 3HAHUSAX OCHOBHOTO
y4eOHOro MarepHajia, 3HAuUTeNIbHble MpOoOeabl B 3HAHUAX TEOPETUYECKUX KOMIIOHEHTOB
IIPOrpaMMbl; HEYMEHUE OPHEHTHPOBATHCS B OCHOBHBIX HAy4YHBIX TEOPUAX U KOHLENIMX,
CBSI3aHHBIX C OCBaMBAEMOM IUCIMILIMHOM, HETOYHOE MX ONHUCaHHE; caadoe BaJeHHe Hay4yHOU
TEPMUHOJIOTHEH U TPO(PECCHOHANBHBIM HHCTPYMEHTapueM; JOMYCTHJ NPUHIHUIKAIbHbIE
OLIMOKH B BBIIIOJHEHUU NMPEAYCMOTPEHHON AUCHUILIMHON MPaKTUYECKOTO 3aJaHusl, U3JI0KEHHE
OTBETa Ha BOIIPOCHI C CYIIECTBEHHBIMH JJMHTBUCTHYECKUMH U JIOTHYECKUMU OLIMOKaMHU.

OneHouHble CpeAcTBa [UIsl HMHBAIUAOB M JMI, C OIPAaHUYCHHBIMH BO3MOYKHOCTSMH
3JI0pOBbsI BHIOUPAIOTCS C YUETOM UX MHAMBHUIYAJIbHBIX ICUXO(PU3MUECKUX 0COOEHHOCTEH.

— Ipu HEOoOXOAMMOCTM HHBAIMAaM M JMIAM C OrPAHUYEHHBIMH BO3MOXHOCTIMHU
310pPOBBS IIPEAOCTABIIACTCS JONOJHUTEIBHOE BPEMS I IOJArOTOBKH OTBETA HA DK3aMEHE;

— IIPU MPOBEJICHUH IPOLEAYPHI OLIEHUBAHUS PE3YJIbTATOB O0YyUEHHS] MHBAINUOB U JIMIL C
OTPaHUYEHHBIMU BO3MOYKHOCTSIMU 370pPOBbs IPELyCMATPUBACTCS UCIIOIb30BAHUE TEXHUYECKUX
CPEICTB, HEOOXOMMBIX UM B CBSI3U C UX UHAMBHUIYaIbHBIMH OCOOEHHOCTSIMY;

— IIpU HEOOXOAUMOCTH JJIs1 00YHAIOIIUXCSI ¢ OTPAHUYEHHBIMH BO3MOXKHOCTSIMHU 3/J0OPOBbS
U MHBAJIUAOB INpOLEIypa OLEHMBAHUSA pPE3YyIbTaTOB OOY4YEHUS IO JUCLUIUIMHE MOXKET
IIPOBOJIUTHCS B HECKOJIBKO 3TAIIOB.

ITponienypa oneHHBaHUs PE3yJIbTATOB OOYYEHMs] MHBAIMIOB U JIUI[ C OTPAHUYECHHBIMU
BO3MOXXHOCTSIMU 3[I0pOBbSl 10 JUCHMIUIMHE (MOAYJIIO) MNpEAyCMaTpUBAaeT IPEAOCTaBICHUE
uHpopmanuu B (opMax, aganTUPOBAHHBIX K OrPAaHMYEHHMSIM HMX 370POBbS U BOCIPUATHA
UHpOpMaLUK:

JList AL ¢ HapyLIEHUsIMU 3pEHUS:

— B TIeYaTHOU (popMe yBEITUUCHHBIM MIPUPTOM,
— B (popMe 2IEKTPOHHOTO TOKYMEHTA.

JUiist TT ¢ HApYIISHUSIMH CITyXa:

— B [1e4aTHOM (opme,

— B (popMe 2IEKTPOHHOTO TOKYMEHTA.

JIIst I ¢ HApYIICHUSIMH OTIOPHO-JIBUTATEIILHOTO arapara:

— B [1e4aTHOM (opme,

— B (hopMe 3JIEKTPOHHOTO JIOKYMEHTA.

JIaHHBIN TIepeYeHb MOXET OBbIThb KOHKPETH3HPOBAH B 3aBUCHUMOCTH OT KOHTHHICHTA
oOydJaronuxcs.
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5. IlepeyeHb OCHOBHOI M IONIOJTHUTEJIBLHOM y4eOHOM JIUTEPATYPhI,
HH(POPMALMOHHBIX PECYPCOB U TEXHOJIOTH HE0OXOAUMBIX /111 0CBOCHUS
AUCHMILINHBI

5.1 OcHoBHas quTEeparypa:

3ak IOpuit Anexcanaposud. [IpuHsATHE pelIEHNH B yCIOBUIX HEYETKUX U Pa3MBITBIX
nanubiX : Fuzzy-trexnonoruu / 3ak, FOpuii Anexkcannposud ; FO. A. 3ak. - Mocksa : URSS :
[Kamxknsiii oM "JIMBPOKOM"], 2013. - 349 c. : un. - bubnuorp.: c. 344-349. - ISBN
9785397034517.

KazakoBuesa, E.B. Heuetkue cuctembl prHAHCOBO-I3KOHOMHYECKOTO aHAIN3A PEANPUATHIA
u peruonoB : moHorpadus / E.B. Kazakosnesa, A.B. KoBanenko, M. X. YpTeHOB. - T.
Kpacnonap, Uznatenscko-nonurpaduueckuii neHtp KybaHckoro rocyapcTBEHHOTO
yHuBepcuteta, 2013. - 266 ¢

PyrkoBckas /. HeiipoHHBIE CETH, TEHETUYECKHUE AITOPUTMBI U HEUYeTKHe cucTeMsl: [lep.c
nosibek. M. JI. Pynuackoro. 2-e u3nanue / JI. PytkoBckas, M. ITunmnabckuid, JI. PyTKOBCKUT.
— W3n-Bo: Nopsiuas nunus-Tenekom, 2013. — 384 c. [DnexkTpoHHBIN pecypc] -
http://e.lanbook.com/books/element.php?pll_id=11843.

SApymkuna, H. I'. IHTEeNNEKTYanbHBIN aHAIN3 BPEMEHHBIX PAIOB : YdeOHOE TocoOue Jist
CTyneHTOB By30B / Apymikuna, Hagexna ['ne6osna, T. B. Adanaceea, U. I'. Ilepdunnena ;
H.T. SIpymkuna, T. B. AdanaceeBa, U. I'. [lepdpunnesa. - M. : DOPYM : UHOPA-M, 2012.
- 159 c. : un. - (Beiciee oOpazoBanue). - bubmuorp. B koHie rias. - ISBN 9785819904961. -
ISBN 9785160051970.

5.2. lonotHUTEILHAS JIMTEPaTypa:

IToB6a, C.. I[IpoexTrpoBanue HeueTkux cucrem cpenctsamu MATLAB / C. 1. IlIToBGa. -
M.: T'opstuas nunust — Tenekom, 2007. — 288 c.

Xaiikun, C. Heliponnsie cetu: monubii Kype / Xaitku, Caiimon; C. XallkuH; [miep. ¢ aHr.
H. H. Kyccyinb, A. 1O. lllenectora ; nox pea. H. H. Kyccyns]. - U3a. 2-e, ucop. - M. :
Bunbesamc , 2008. - 1103 c.

Spymkuna, H. I'. OCHOBBI TeOpUM HEUETKUX U THOPUIHBIX CUCTEM : yaeOHOE TTocoOue JJis
CTyneHTOB By30B / Spymikuna, Hagexxna ['nebosna ; H. I'. Spymikuna. - M. : ®uHaHCH U
ctatuctuk, 2004. - 320 c. - bubnuorp. : c. 307-312. - ISBN 5279027766 : 80 p. 50 k.
bapanosckas T.I1., CoBpeMeHHbIE MATEMAaTUUECKUE METOABI aHAIN3A

(DMHAHCOBO HKOHOMHYECKOTO COCTOSHMSI Mpeanpusatus: Mmonorpadus/ bapanosckas T.I1.,
Kapmasun B.H., KoBanenko A.B., YprenoB M.X— Kpacunonap: KyoI'AY, 2009. — 224 c.
bopucog, B.B. Heuétkue monenu u cetn / B.B. bopucos, B.B. Kpyrnos, A.C. ®enynos. —
M.: I'opsauas nunus — Tenexom, 2007. - 284 c.

boposuxkos, B.I1. Heiiponnsie cetn. Statistica Neural Networks. MeTomonorus u
TEXHOJIOTUH COBPEMEHHOT0 aHanu3a qaHHbix / B.I1. bopoBukos. — 2-e u3a. - M.: ['opsiuas
mmHug — Tenexom, 2008. - 392 c.

EBmenoB B.I1. MHTEmIeKTYyambHbIE CUCTEMBI YIIpaBieHus: YyeOHoe nocodue. M.: KHmxHbII
nom «JIMBPOKOM»y, 2009. — 304 c.

JleonenkoB, A.B. Heuétkoe monenuposanue B cpene MATLAB u fuzzyTECH / A.B.
Jleonenkos. — CII6.: BXB-IletepOypr, 2003. -736 c.

Yepnoay6 A.H., [[3106a I.A. O630p MeTonoB Helipoynpasienus // [IpoGnemMsr
nporpammupoBanus. — 2011. — No 2. — C. 79-94.

Backun U. U., [Namonun B. A., 3e¢upos H. C. MHorocioiiHbIe IepcenTpoHbl B
HCCJIETIOBAaHUH 3aBUCUMOCTEHN «CTPYKTYpPa-CBOMCTBOY JIJIsl OPTaHUYECKUX COCAMHEHUH //
Poccuiickuit xumuaeckuit sxypHan (JKypnan Poccniickoro XuMuyeckoro o0IiecTBa M.

. M.Menpneneesa). — 2006. — T. 50. — C. 86-96.
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29.

30.

lanbirun, A.H. AnroputMel aBTOMaTHYECKOT0 (hOpMUpPOBaHMS 0a3bl MPABUIT I CUCTEM
YIpaBJICHHUS Ha HEYCTKOM JIOTHKE: JHC. ... KaH . TeX. HayK / A.H. 'anbirun. — KpacHosipek,
2004. - 120 c.

3ane, JI. [loHsITHE TUHTBUCTUYECKON MEPEMEHHON U €€ MPUMEHEHHUE K IPUHSTHIO
npubimkeHHbIX pemtenuit / JI. 3ane. - M.: Mup, 1976. - 165c.

3axapos, P.E. Pa3zpaboTka JIOTMKO-JIMHTBUCTHUECKUX MOJIEJICH YIIPaBICHUS U IPUHATHUS
peleHuii Ha 6a3e HeUeTKO! JIOTUKU: JHC. ... KaH. TeX. Hayk / P.E. 3axapos. - BnaaukaBkas,
2004. - 168c.

WBanumes, M.B. PazpaboTka HEUETKOUNCIEHHOTO METO1a POTHO3UPOBAHUS U
o0ecrneveHrs yCTOMUMBOCTH MPEINPUITHS B YCIIOBUSAX HEONPEIEICHHOCTH: JIUC. ... KAH/.
9KOH. Hayk / M.B. MIBanumies. - M.: 2002. - 134c.

Nnmapuonos, A. B. Pa3zpaboTka MaTeMaTHYECKUX MOJEIICH U aJTOPUTMOB TIPUHSTHUS
peleHHs 10 KPEeAUTOBAHUIO MPEeIIPUATHI Manoro (cpeaHero) Ou3Heca Ha OCHOBE armapaTa
TEOPHH HEUYCTKUX MHOXKECTB: JIUC. ... KaHJ. 9KOH. Hayk / A. B. Mnnapuonos. - Bnagumup,
2006. - 231c.

Kirouko, B. 1. HeiipoxoMmmbroTepHbie cucTeMbl. basel 3Hanwmit: yueb. mocodue / B. U.
Kirouxo, B. B. Epmonenko. — Kpacnogap: KyoI'TY, 1999. - 100c.

Ko¢dwman, A. Beenenue B Teopuro HedeTkux MHOkeCTB / A. Kodman. - M.: Paano u cBs3b,
1982. -432 c.

Henocexun, A.O. MeTo10710THYECKHE OCHOBBI MOJICTUPOBaHUs (PUHAHCOBOM JESITEIIBHOCTH
C MCIIOJIb30BAaHUEM HEUETKO-MHOXKECTBEHHBIX OMMCAHUI: TUC. ... 1. 9KOH. HayK / A.O.
Henocekun. - CII0., 2003. - 280 c.

Henocexun, A.O. CBoaHbIN (prHAHCOBBIN aHATN3 poccuiickux mpennpusatuii 3a 2000 - 2003
rr. / A.O. Henocexun, JI.H. becconos, A.B. Jlykames // Aynut u GbMHAHCOBBIN aHAIH3. -
2005, - Ne 1. C. 53 - 60.

[Ityckun, A.C. HeueTkue Moaenu 3a1a4 NPUHITUS CTPATETUYECKUX PEIICHUN HA
OPENPUATHSX: AUC. ... 1. 9KOoH. HayK / A.C. [Ityckun — M.: 2004. — 318 c.

CagenneB A. B.. Ha mytu k o0mieit Teopun HeripoceTeit. K Bompocy o ci10KHOCTH // KypHa
«HeitpoxommbroTepsl: pazpaboTka, npuMeHeHuey., M3narensctBo "Pagunorexnuka". — 2006.
— Ne 4-5. — C. 4—14.

Cwmupsnos, B.1. IIporHo3upoBanue u kiaccu(pukanus 3KOHOMUYECKHX CHCTEM B YCIOBHSIX
HEOMpeAeNCHHOCTH METOJaMU UCKYCCTBEHHBIX HEHPOHHBIX CETEH: TUC. ... KaH. 9KOH. HayK/
B.U. CmupHOB. - Opendypr, 2003. -280 c.

Taraypona, O.A. O1ieHKa HECOCTOSATEIbHOCTH MPEANPUATUI C LIEJIbIO TTOBBIIIECHUS

3 PEKTUBHOCTH MPUHATHUS YIPABICHYECKUX PELICHUH B Mpolecce OaHKPOTCTBA: JIUC. ...
ka1 9koH. Hayk / O.A. Taraypoga. - Xabapogck, 2007. - 155 c.

Sxbsena, [.0. HeueTkne MHOXKECTBA U HEWPOHHBIE ceTu: yu. oc./ I'.0. SxbseBa. M -.:
BMHOM, 2006. — 316c.

Bojadziev G., Fuzzy Logic for Business, Finance and Management / G. Bojadziev, M.
Bojadziev // Advances in fuzzy systems.- 1997.- Ne 12. - 232 p.

Buckley, J. Applications of Fuzzy Sets and Fuzzy Logic to Economics and Engineering,
Physica-Verlag / J. Buckley, T.Feuring, E.Eslami. - Heidelberg, 2002. - 282p.

5.3. UuTepHeT-pecypchl, B TOM YHCJIe COBpeMeHHbIe NPodeccuoHaibHbIe 0a3bl

JAHHBIX U I/IH(l)OpMaI[I/IOHHBIe ClIpaBO4YHbIC¢ CUCTEMBbI

dnekmponno-ouonuomeynsvie cucmemut (I5C):

SNk WD -

DBC «IOPAWT» https://urait.ru/

ABC «YHUBEPCUTETCKA S BUBJIMOTEKA OHJIAMH» http://www.biblioclub.ru/
9BC «BOOK.ru» https:// www.book.ru

OBC «ZNANIUM.COM)» www.znanium.com

9BC «JIAHDb» https://e.lanbook.com




Ilpogpeccuonanvuvie 6azvt OannvIx

Scopus http://www.scopus.com/

ScienceDirect https://www.sciencedirect.com/

Kypnansr uznarenscta Wiley https://onlinelibrary.wiley.com/

Hayunas snexkrponnas oubnuorexa (HOb) http://www.elibrary.ru/

[TonHOTEKCTOBBIE apXHMBBI BEAYIIMX 3aMIaIHBIX HAYYHBIX KypHaAJI0B Ha Poccuiickoit

iatdopme HayuHbIX xKypHamoB HOUKOH http://archive.neicon.ru

HanmonanbsHas aneKkTpoHHast Ou0aroTeKa (I0CTyM K DIEKTPOHHOW OnbIrmoTexe

nuccepranuii Poccuiickoit rocynapcrsennoii 6ubnuorexu (PI'B) https://rusneb.ru/

7. Tlpesunentckas oubauoreka um. b.H. Enprinna https://www.prlib.ru/

8. baza gannpix CSD KemOpumxckoro nieHTpa kpuctauiorpaguueckux ganusix (CCDC)
https://www.ccdc.cam.ac.uk/structures/

9. Springer Journals: https://link.springer.com/

10. Springer Journals Archive: https://link.springer.com/

11. Nature Journals: https://www.nature.com/

12. Springer Nature Protocols and Methods:
https://experiments.springernature.com/sources/springer-protocols

13. Springer Materials: http://materials.springer.com/

14. Nano Database: https://nano.nature.com/

15. Springer eBooks (i.e. 2020 eBook collections): https://link.springer.com/

16. "Jlekropuym TB" http://www.lektorium.tv/

17. YauBepcurerckas napopmanronnas cuctema POCCHUS http://uisrussia.msu.ru

Nk =

.O\

HH¢0PMdl(u0HHble CRpA6OUHbBIE CUCHIEMDBL

1. KoncyasTanT ILtoc - cipaBodHast mpaBoBasi cucTeMa (JIOCTYII 10 JTOKAJIBHOU CETH C
KOMITBIOTEPOB OUOINOTEKH)

Pecypcut c60000n020 0ocmyna

1. KubepJlenunka http://cyberleninka.ru/;

2. AmepukaHckas naTeHTHas 0aza jgaHHbIX http://www.uspto.gov/patft/

3. MuHucTepcTBO HaAyKH U BhICIIero oopa3oBanus Poccuiickoit deneparun
https://www.minobrnauki.gov.ru/;

4. ®enepanbubiid mopTan "Poccuiickoe oOpazoBanue" http://www.edu.ru/;

5. Hudopmannonnas cucrema "EnnHoe 0KHO H0CTymna K 00pa3oBaTelbHBIM pecypcam”
http://window.edu.ru/;

6. Enunas xoyexkuus mugpoBbIX 00pa3zoBaTeibHbIX pecypcoB http://school-collection.edu.ru/;

7. Ilpoekt ['ocynapCcTBEHHOTO HHCTUTYTA pycckoro a3bika uMeHn A.C. [Tymkuna
"ObpasoBanue Ha pycckoM" https://pushkininstitute.ru/;

8. CnpaBouyHo-uH(pOpManMOHHBIN nopTan "Pycckwii si3pik" http://gramota.ru/;

9. Cnyx0a TeMaTHYECKHX TOJTKOBBIX cioBapeit http://www.glossary.ru/;

10. CrioBapu u >nHIMKIoNeann http://dic.academic.ru/;

11. O6pa3oBaTenbHbIi opTan "Yuebda" http:// www.ucheba.com/;

12. 3akononpoekT "O6 obpazoBanuu B Poccuiickoit denepanuu". Bonpock! 1 oTBETHI http://xn--
273--84d1f.xn--plai/voprosy i_otvety.

Cob6cmeennbie 3n1eKkmponHle 00pasosamenvHvle u UHPopmayuonnsie pecypcolt Kyol'yY

1. Dnextponnblii kKatanor Hayunoit 6ubnuorexu Ky6I'VY http://megapro.kubsu.ru/MegaPro/Web

2. DnexkTpoHHas 6ubiamoreka TpyaoB yueHbix Kyol'y
http://megapro.kubsu.ru/MegaPro/UserEntry? Action=ToDb&idb=6

3. Cpena MOIyTBHOTO JUHAMHYECKOTO o0yueHus http://moodle.kubsu.ru




4. ba3a yyeOHBIX IJIAHOB, y4eOHO-METOAMYECKIX KOMILIEKCOB, MyOIUKaluil 1 KOH(pepeHInH
http://infoneeds.kubsu.ru/

5. bubnanoreka HHGOPMAIIMOHHBIX pecypcoB Kadeapbl HH(POPMAITMOHHBIX 00pa30BaTENbHBIX
texHonoruit http://mschool.kubsu.ru;

6. DnextponHbli apxuB qokyMeHTOB KyOI'Y http://docspace.kubsu.ru/

7. DIeKTpOHHBIE 00pa30BaTeIbHBIE PECYPChl Kadeaphl HH(OPMAIIMOHHBIX CHCTEM M TEXHOJIOTHI
B oOpaszoBanuu Kyol'Y un Hayuno-meronuueckoro xxypHana "[HIKOJIBHBIE I'OZIbI"
http://icdau.kubsu.ru/

6. MeTtonuyeckue yKa3aHus 1l 00y4alOUIUXCH M0 OCBOEHUIO TUCIHHUILIHHBI

Nsyuenune kypca «HelipocereBbie MOJEIN» OCYIIECTBISAECTCS B TECHOM B3aMMOAECHCTBUHU
C JAPYTMMH MaTeMaTHYeCKMMH M TMPOTPaMMHUCTCKUMH AucuuIInHamu. dopMa U crnocoObl
W3YYCHUS Marepualia ONMpeAesaioTCs ¢ YIeTOM CHelupUKU n3ydaemoi tembl. OHAKO BO BCEX
ClIydasix HeoOX0auMO 00eCrevyuTh COueTaHNe U3yUeHHUs] TEOPETUYECKOr0 MaTepHuala, Hay4YHOro
TOJIKOBAHUS TOTO MJIU WHOTO MOHSITHS, 1aBa€MOTO B yUEOHHMKAX W JICKIUSIX, C CAMOCTOSITEIILHOM
paboTOl CTYACHTOB, BBIMIOJHEHUEM TPAKTHYCCKUX 3aJlaHUi, TOJATOTOBKOW COOOIICHUA |
JIOKJIaJI0B.

JlekumoHHOe 3aHATHe TMpEACTaBIsAEeT CcOO0OM cHucTeMaTHUecKoe, IMOCieI0BaTeNbHOE,
MOHOJIOTHYECKOE M3JI0KEHUE TPEIoIaBaTeIeM-IEKTOpOM y4eOHOTO MaTepuana, Kak IpaBHIIo,
TEOPETUYECKOr0 XapakTepa. Takoe 3aHATHE MPEACTaBIseT COO0OM DIEMEHT TEXHOJIOTUU
NpEJCTaBICHUS y4eOHOro Marepuana IWyTeM JIOTUYECKH CTPOMHOTO, CHUCTEMATHYECKH
MOCIIE0BATEIBHOTO U SICHOTO U3JI0KEHHUS C UCIIOJIb30BaHUEM 00Pa30BaTEIbHBIX TEXHOJIOTUH.

[enp nexkuuu — oOpraHu3anys LEJICHANPABICHHONW II03HABATEIBHOM JEATEIIbHOCTH
oOydaromuxcsl Mo OBJAJEHUI0 MPOrpaMMHBIM MaTepuajgoM y4yeOHOW NUCUUIUIMHBL. YTeHue
Kypca JEeKIHMI TMO3BOJSET JaTh CBSA3aHHOE, IOCIEI0BATEIbHOE U3JIOKEHHE Marepuaia B
COOTBETCTBUM C HOBEHIIMMH JaHHBIMH HAyKH, COOOLIUTH CIIyIIATEIsIM OCHOBHOE COJIEp)KaHue
MpeaMeTa B LIEJIOCTHOM, CUCTEMAaTU3UPOBAHHOM BHUJIE.

3amaun JeKUUU 3aKIlovaroTcs B oOecnedeHHd (OPMUPOBAHUS CUCTEMbl 3HAHHUM IO
yueOHOM JUCHUIUIMHE, B YMEHUU apryMEHTHPOBAHO W3jIaraTh HAyYHBIH MaTepuai, B
dbopmupoBaHnK MPOGHECCUOHATBLHOTO KPYyro3opa M OOIIEH KyJbTypbl, B OTPAKCHHUH €IIE HE
MOJTYYUBIITUX OCBEIECHUSI B YU4eOHOW JIMTEepaType HOBBIX TOCTHIKEHHH HAyKH, B ONTUMHU3AINU
Ipyrux GopM opraHu3aIy yaeOHOro mporecca.

Jlis TOATOTOBKH K JIGKIUSM HEOOXOIUMO H3YYHTh OCHOBHYIO U JOMOJHHUTEIHHYIO
JUTEepaTypy MO 3asBICHHON TeMe M OoOpaTUTh BHHMaHHE HAa TE€ BOIPOCHI, KOTOpHIE
MpeyIaraloTcsi K pPacCMOTPEHUIO B KOHIE KaxaodM TeMbl. lIpu u3ydyeHHH OCHOBHOM H
JOTIOTHUTEILHOW JTUTEPATyphl, CTYACHT MOXXET B JOCTATOYHOM OOBEME YCBOMTH M YCIEUIHO
peanu3oBaTh KOHKPETHBbIE 3HAHMUS, YMEHHUS, HaBBIKM M KOMIETEHIMHM NIPU BBINOTHEHUU
CIEYIOUIUX YCIOBUM:

1) cucremaTndeckasi pabota Ha y4eOHBIX 3aHATHSIX MO/ PYKOBOJCTBOM MpPENOAaBaTens u
camocTosTeNlbHas padoTa 1Mo 3aKpEeIUICHUIO MOJYYeHHbBIX 3HAHUI U HaBBIKOB;

2) 10OpPOCOBECTHOE BBHIMOTHEHHE 3a/IaHUH TPEI01aBaTeNsl HA MPAKTUIECKUX 3aHATHUSX;

3) BBIICHEHME U YTOYHEHHE OTIENIbHBIX MPEINOChUIOK, YMO3aK/IIOUEHUH M BBIBOJOB,
collepKalnxcs B y4eOHOM Kypce; B3aUMOCBSI3€H OTAENBHBIX €r0 pPa3/esioB, HCIOJIb3yEeMBIX
METO/IOB, XapaKTepa X HUCIIO0Ib30BaHUS B IPAKTUUECKOM NEATEIIbHOCTH MEHEKEDA;

4) comocTaBleHUE TOUYEK 3PCHHS PA3IMYHBIX AaBTOPOB IO 3aTparuBaeMbiM B y4eOHOM
Kypce mpobOiieMaM; BBISIBICHHE HETOYHOCTEH M HEKOPPEKTHOIO U3JIOKEHUS Marepuaia B
MIEPUONYECKON U CIIEHHUAIBHOM JINTEPATYPE;

5) pazpaboTka mpeI0OKEHUH TPET01aBaTeli0 B YaCTH TOPAOOTKH M COBEPIICHCTBOBAHHMS
y4eOHOTO0 Kypca;

6) TONrOTOBKAa HAYYHBIX CTAaTed ISl OMYOJMKOBAaHMS B TIEPHOJUYCCKON I€UYaTH,
BBICTYIUICHHE Ha HAYYHO-TIPAKTHYECKUX KOH(PEPEHIUAX, ydacTHe B paboTe CTYICHUECKHX
HAy4YHBIX OOIIECTB, KPYTJIBIX CTOJNAX U TUCIYTaX 110 aHTUKOPPYIIIMOHHBIM MpoOIeMam.



JlaGopaTopHble 3aHATHA — ABISAIOTCS (GOpMON y4eOHOH ayTUTOPHOI pabOThI, B paMKax
KOTOpPO (OPMUPYIOTCS, 3aKPEIUISIOTCS U TMPEACTaBISAIOTCA CTYACHTaMU 3HAHUS, YMEHUS U
HABBIKH, WHTETPUPYIOIIHE PE3YyJIbTaThl OCBOCHUS KOMIETCHIIMHA KaK B JIGKIIMOHHOM (opmare,
TaKk B pa3Iu4HbIX (popmax camocTosTenbHOM paboThl. K KakaoMmy 3aHATHIO MpernojaBaTelieM
bopMymUpYIOTCS TPAKTHYECKUE 3aJaHUs, TPEOOBAHUS M METOAMYECKHE PEKOMEHMAIMH K UX
BBITIOJTHEHUIO, KOTOPBIE MPEACTABIAIOTCS B (DOHAE OIIEHOYHBIX CPEJCTB YUeOHOM TUCIUTIIUHEI.

B xome caMomoAroToBKM K MPAaKTUYECKAM 3aHSATHSM CTYACHT OCYIIECTBISIET cOOp H
00paboTKy MaTepuajoB IO TEMaTUKE €ro HCCIEA0BaHUS, MCIONb3ysd MPU 3TOM OTKPBHIThIC
UCTOYHUKUA HMHPopManuu (MyOnMKalMd B HAYYHBIX HU3JAHUSIX, AHAIUTUYECKHE MaTEpUalbl,
pecypcel cetu MHTepHET W T.I.), a TakXKe MPAKTHUYECKUH OMBIT U JOCTYIHbIE MaTepHaIbl
00BEKTa UCCIICIOBAHMUS.

KoHTposib 3a BBINOJHEHHEM CaMOCTOSTENIbHON pPa0OTHl MPOBOAMUTCS MNPU HU3YUCHHUH
KQKJIOM TEMbl JUCLUHUILIMHBI HA MPAKTUYECKUX (CEMHUHAPCKUX ) 3aHSATHUSX.

CamocrosiTennbHass paboTa CTymeHTOB 1Mo auciuiuimHe «HeipoceTeBbie Momenn»
MIPOBOJMTCS C IENIBI0 3aKPEIJICHUS M CUCTEMATH3AIMH TeOPETUICCKUX 3HAHUH, POPMUPOBAHUS
MPAKTUYECKUX HABBIKOB IO WX MPUMEHEHUIO MPHU PEeUICHUH 3KOHOMUYECKHX 3a/1a4 B BEIOpaHHOMN
npenMeTHoi  obmactu. CamMoctosTenbHass paboTa BKIIOYAET: UW3YYCHHE OCHOBHOW U
JOTIOTHUTEILHON TUTEpaTyphl, MPopabOTKa U MOBTOPEHKE JEKIMOHHOTO MaTepuala, MaTepuana
yueOHOM W HAyYHOW JHUTEpaTypbl, MOATOTOBKY K MPAKTHYECKUM 3aHITHSIM, MOATOTOBKA K
Pa3HOYPOBHEBBIM 3aJa4 U 3a/IaHUSM, a TAK)Ke K KOHTPOJIMPYEMOI caMOCTOSITeNIbHOM paboTe

CaMmocTtosiTennbHasi paboTa CTYACHTOB IO JAHHOMY YYe€OHOMY KypCcy THpearnoiaraer
MO3TAIHYIO MOJATOTOBKY M0 KaXI0MY pa3ziesly B paMKax COOTBETCTBYIOLIUX 3aJaHUMN:

[lepBbIif 3Tam caMOCTOSATENBHOM pabOTHI CTYACHTOB BKJIIOYaeT B cels TIIATEIbHOE
U3Yy4EHHE TEOPETHUECKOro MaTepuana Ha OCHOBE JIEKIIMOHHBIX MaTepuasioB MpernojaBaTelis,
PEKOMEHIyEMBbIX pa3[ejOB OCHOBHOM M  JIONOJIHUTEIBbHOM JIUTEpaTyphbl, MaTepuaIoB
MNEPUOINUECKUX Hay4YHBIX U3JIaHUH, HE00XO0IUMBIX TUISt OBJIAJICHUSI
MOHSATUIHO KAaTeTOpUaIbHBIM amnmapaToM U (GOpMHUpPOBAHUS MPEACTABICHUN O KOMILIEKCE
TEOPETUYECKOI0 U aHAJUTHUYECKOrO0 HWHCTPYMEHTapus, HCIOJb3YEMOro B paMKaxX JaHHOM
OTpaciu 3HAHMUS.

Ha BTopom sTame Ha ocHOBe C(OPMHUPOBAHHBIX 3HAHWA M MPEACTABJICHUA IO JAHHOMY
paszzeny  CTYIEHThl  BBIOJHSIOT — pacueTHO-TpaduUYecKue 3aJaHusi, HaleJIeHHbIE Ha
dbopMupoBaHHEe YMEHHI M HAaBBIKOB B paMKax 3asBICHHbIX KomreTeHIuil. Ha nanHom stame
CTYJIEHTBl OCYILECTBISAIOT CaMOCTOSITENIbHBIA TMOUCK AMIUPUYECKUX MaTEpPHAIOB B paMKax
KOHKPETHOTO 3aJaHus, O0O0O0OIIAl0OT M aHAIM3UPYIOT COOpaHHBI Marepuans II0 CXeMe,
PEKOMEH/IOBAaHHOW  mpenojaBatesnieM, (OPMYIHUPYIOT BBIBOJBI, TOTOBAT MPAKTHYECKHE
pEeKOMEHIALMU, MaTepUabl JJIsl MyOIMYHOTO UX MPEICTaBICHUS U O0CYKICHHUS.

Ha cerogusiminuii eHb TECTUPOBAHUE — OJIMH U3 CaMbIX JCHCTBEHHBIX U MOMYJISPHBIX
Croco0OB TMPOBEPUTH 3HAHUS B H3ydaeMoil oOsactu. TecThl MO3BOJSIOT OYEHb OBICTPO
MPOBEPUTHh HAIMYKE 3HAHUH Y CTYJIEHTOB IO BbIOpaHHON TeMe. KpoMe Toro, TecThl HEe TOJIBKO
IPOBEPSIOT 3HAHMS, HO M TPEHUPYIOT BHUMATEIbHOCTb, YCHUAYMBOCTH U YMEHHUE OBICTPO
OpUEHTUPOBAThCA U cooOpaxarh. [IpM TOATOTOBKE K pEIICHHIO TECTOB HEOOXOIUMO
npopaboTaTh OCHOBHBIE KATETOpUs M MOHATUS AUCUUIUIMHBI, 0OpaTUTh BHUMaHHE Ha KIIOYEBbIE
BOIIPOCHI TEMBI.

BaxknelmmM  371€MEHTOM  CaMOCTOATEIbHOW pabOThl  SBJISETCS MOATOTOBKA H
BHITIOJTHCHUE THUIIOBBIX CAMOCTOSITENBHBIX PAa0OT. DTOT BHUA CAMOCTOSATEIBHONW pPabOTHI
MO3BOJIET YIIyOUTh TEOPETHUECKHE 3HAHUS M PACHIMPUTH MPAKTUUYECKHUI OMBIT CTYACHTA, €ro
CIIOCOOHOCTh TEHEPUPOBATH COOCTBEHHBIC WICH, YMEHHE BBICIYIIATh AlbTEPHATUBHYIO TOUKY
3peHusi, apryMEHTUPOBAHO OTCTAaUBATh CBOIO MO3MIIMIO. BhIMOTHEHNE TUTIOBBIX 3a]a4 U 3a/laHui
MMEET 1IEJIbI0 BBISIBUTH CTENEHb YCBOCHHS CUCTEMbI 3HAHUWH, BKJIIOYAIOIIEH TEOPETUUYECKYIO U
MPAKTUYECKYIO COCTABISAIONINE YIEOHON NUCUUTIIINHBI.

[Ton koHTpOJHpYyeMOii camocTosTe/bHOI padoToii (KCP) moHnMarT COBOKYITHOCTH
3aJJaHuil, KOTOpbIE CTYIEHT JIOJDKEH BBIMOJIHUTH, MpopadboTaTh, M3YYHTh IO 3aJaHUI0 TOJ



PYKOBOACTBOM M KOHTposeM npenogasatens. T.e. KCP — 3To Takoil BUJ IesSTEIBHOCTH, HApALy
C JIeKUUSMH, JIabOpaTOPHBIMU U TMPAKTUYECKUMH 3aHATHSIMH, B XOJE€ KOTOPBIX CTYAEHT,
PYKOBOJACTBYSICh CHEIHANIbHBIMH METOAMYECKUMU YKAa3aHUSIMHU TPENoAaBaTeNs, a TaKkKe
METOJUYECKUMH YKa3aHWSAMHU 110 BBIIOJHEHUIO THUIOBBIX 3a/JaHUl, MpHoOpeTaeT u
COBEPILICHCTBYET 3HAHUS, yMEHUS U HABBIKU, HAKATUIMBAET MPAKTUUECKUN OTIBIT.

Texkymmii  KOHTPOJIb  CaMOCTOSITEIBHOW  pabOTBI  CTYACHTOB  OCYIIECTBIISICTCS
€XKEHEJCIbHO B COOTBETCTBUE C mporpamMmoi 3aHsatuil Omnucanve 3alaHuil  AJid
CaMOCTOSITENIbHOM paboThl CTYAEHTOB W TpeOOBaHMII MO WX BBHINOJIHEHUIO BBIJAIOTCS
IpernoJiaBaTeJieM B COOTBETCTBUH C Pa3pabOTaHHBIM (POHAOM OLIEHOYHBIX CPEICTB IO
nucuuiuinHe «HelpocereBbie MOIEIN.

B ocBoeHuu AMCHMIUIMHBI MHBATUIAMU U JULIAMU C OFPAHMYEHHBIMU BO3MOXHOCTSIMU
3I0pPOBBSl  OOJIBIIIOE 3HAYCHUE HWMEET WHIWBUIyaJlbHas ydeOHas pabora (KOHCYJIbTAIMH) —
JIOTIOJTHUTEILHOE pa3bsiCHEHNE Y4eOHOr0 MaTepHara.

WuauBuayanbHble KOHCYJbTAllMM 1O TPEIMETY SBISAIOTCS BaXKHBIM  (PAKTOpPOM,
CHOCOOCTBYIOIIMM MHIWBUAYAIN3ALUU OOYUYEHUS U YCTAHOBJICHUIO BOCIUTATEIHHOTO KOHTAKTa
MEXIy TNpernoaaBaTeieM U O00yJarollMMCS WHBAJIWIOM WM JIUIOM C OrPaHUYCHHBIMU
BO3MO>KHOCTSIMH 37J0POBBbSI.

B ocBoeHuM AMCIMIUIMHBI MHBATUIAMU M JULUAMU C OFPAHMYEHHBIMU BO3MOXHOCTSIMU
3I0pOBbsI OOJIBIIOE 3HAYEHHWE HMMEET WHIMBHIyajbHas ydeOHas paboTa (KOHCYJIbTAI[MH) —
JOTIOTHUTEILHOE Pa3bsiCHEHHE yueOHOro MaTepuara.

NuauBuayanbHble KOHCYJIBTAIIMM 10 TPEIMETY SIBISIOTCS BAXKHBIM  (PAKTOPOM,
CIOCOOCTBYIOUTUM MHIMBUIYaTU3allii OOyYEHUSI U YCTaHOBJICHUIO BOCIUTATEILHOTO KOHTAKTa
MEXIy TpernojaBaTesieM W OOyJarolIMMCS WHBAIAIOM WA JUIOM C OTPaHUYCHHBIMU
BO3MOKHOCTSIMU 3/10POBBSI.

7. llepeyenb MH(OPMANUOHHBIX TEXHOJOTHI, HCMOJIb3yeMbIX MPH OCYHIECTBJIECHHH
00pa3oBaTe/ILHOIO NMPoLecca Mo AMCUUILIUHE (IPH He0OXOIMMOCTH)

7.1 IlepeyeHp HEOOXOAMMOI0 IPOrPAMMHOI0 O0ecreYeHus!

[Mpu wm3yuenun nmuctmiuIMHbl «He#poceTeBbie MOIENN» HWCHOIB3YETCS CIIEAYIONIee
IporpaMMHOe oOecrieueHHe:

1. Onepanuonnas cucrema MS Windows (paznenst 2, 3, 5 TUCIMIUIMHBI).

2. NuterpupoBanHoe opucHoe npunoxenue MS Office (pa3nenst 2, 3, 5 TUCIUIITUHBI).

3. IIporpammHOe oOecriedeHHE IUIsi OpPraHW3AlMHU  YIPABISEMOTO KOJUICKTHBHOTO M
6e3omacHoro aoctymna B MaTepHet (paznensl 2, 3, 5 TUCIUTUIMHEI).

4. Statistica Neural Network (pa3zmen 2 TUCHUTIIAHBEI).

5. Matlab Neural Networks Toolbox, Fuzzy Logic Toolbox, ANFIS (pa3nenst 3 u 5
JTUCIIATIITAHBI ).

7.2 CoBpeMeHHble TmpoeccHOHATIbHbIe ©0a3bl JaHHLIX W HMH(OPMANUOHHBIE
CIIPaBOYHbIE CHCTEMBI
OO6yuaromumMcst JOJKEH OBITh 00€CTIeUeH OCTYN K COBPEMEHHBIM MPOGhecCHOHATBHBIM
0a3am JaHHBIX, TPOGECCUOHATHLHBIM CIIPABOYHBIM U TIOUCKOBBIM CHCTEMaM:
- baza mannbIX pedepaTtoB u nUTHUPOBaHUS Scopus http://www.scopus.com/;
- Ilonnasg matemaTnueckas 0a3a maHHbIx ZbMATH https://zbmath.org/;
- YuuBepcuterckas ~ wHpopmarmonHas  cuctema POCCUSA  (YUC  Poccus)
http://uisrussia.msu.ru/;
- baza nannsix Hayunoii anexkrponnsiit Oubmmotexku eLIBRARY.RU https://elibrary.ru/
- ba3pl maHHBIX W aHAJTUTHYECKHE MMyONUKAUU «YHUBEPCUTETCKAasT WH(POPMAIMOHHAS
cuctema POCCHU Ay https://uisrussia.msu.ru/



8. MarepunanbHo-TexHHYecKOe oOecnedyeHHe Heo0XoAMMOe I OCYHIeCTBJICHHUS
00pa30BaTeJbHOI0 NMPOLECcca MO JUCHUIIIHHE (MOIYJII0)

Ne Bux paGot MarepuanbHO-TeXHHYECKOE 00ecIieUeHUE TUCIUIIMHBI (MOIYJIst) U
n/n P OCHAILICHHOCTb
1. | JlexuuoHHbIe 3aHATHS JlekumoHHAsT ~ ayQMTOpHs, OCHAUIEHHAs  IPE3CHTAl[MOHHOW  TEXHHMKOM

(mpoektop, 93KpaH, HOYTOYK) H COOTBETCTBYIOIIUM  IMPOrPaMMHBIM
obecnieuennem (I10) Power Point. Ayn 129, A 305, 307.

2. | JIaboparopHble 3aHATHS AynuTtopusi OCHAlllEHHAs OCHALICHHBI KOMIBIOTEPHOM TEXHMKOH C
BO3MOXKHOCTBIO MOJKIIOUEHUs K ceTH «MHTepHeT», IporpaMMoil 3KpaHHOIO
YBEJIMYECHUSI U O0ECHEUYCHHBIH JOCTYIIOM B 3JEKTPOHHYIO HH(OpMannOHHO-
obpazoBaTenpHyI0 cpeny yHuBepcureta. Aya. 101- 102,105,106.

3. | IlpomexxyTouHas Aynuropus (Ayn. 117, 147).
aTrecTanys

4. | CamoctosaTenpHast padota | KabuHeT M1 camMoOCTOSTENbHOW pPabOThl, OCHAIIEHHBIM KOMIIBIOTEPHON
TEXHUKOM C BO3MOYKHOCTBIO MOJKIIOUEHUs K ceTH «MHTepHeT», mporpaMmoit
SKPaHHOTO YBENWYCHHUS W OOECIEYCHHBI IOCTYIIOM B DJICKTPOHHYIO
nHPOPMaIMOHHO-00pa30BaTeIbHYIO cpely yHuBepcuTeTa. Aya. 102A.

Ipunoxenue
Memoouueckue yKa3aHua K 6bln0JIHEHUIO 1a00paAmopHbIX padom
TeMbl rpynnoBbIX W/WJIM HHAUBHAYATbHBIX NIPOCKTOB
NuauBuayanbHbie (TPynnoBbie) TBOpYeCKUe 3a1aHusl (IPOEKTHI)

1. [Iporao3upoBanue Kypca HHQIAUHA CPEACTBAMI HEMPOHHBIX U HEYETKO HEHPOHHBIX
cersx B makere ST: Neural Networks n B makerax Neural Network Toolbox u ANFIS cuctemsl
Matlab.

2. IIporuo3upoBanue Kypca aojuiapa CpeACTBaMU HEHPOHHBIX M HEYETKO HEUPOHHBIX
cersx B makete ST: Neural Networks u B makerax Neural Network Toolbox u ANFIS cuctemsl
Matlab.

3. IIporHo3upoBaHue Kypca €Bpo CpeACTBAMU HEMPOHHBIX U HEYETKO- HEHPOHHBIX CETIX
B nakere ST: Neural Networks u B makerax Neural Network Toolbox u ANFIS cucremsr Matlab.

4. IIporHo3upoBaHue Kypca 10aHb CpeICTBAMU HEMPOHHBIX M HEUETKO- HEHPOHHBIX CETSIX
B nakere ST: Neural Networks u B makerax Neural Network Toolbox u ANFIS cucremsr Matlab.

5. ITporHO3MpOBAHKE CTOMMOCTH Kypca aximii «JTYKOWJI» cpencTBamMu HeHpOHHBIX U
HEYEeTKO- HehpoHHBIX ceTsix B makere ST: Neural Networks m B makerax Neural Network
Toolbox u ANFIS cucremsr Matlab.

6. [Iporuo3upoBanne CTOMMOCTH Kypca akmuii «PocHedThb» cpencTBaMu HEUPOHHBIX U
HEYeTKOo- HelpoHHBIX ceTsax B makere ST: Neural Networks m B makerax Neural Network
Toolbox u ANFIS cucremst Matlab.

[TpoBeauTe aHamu3 1Mo OAHOM M3 BHIOpAHHBIX BaMH TeMaTuk (He meHee 10 cnaitnoB u 20
JUCTOB TEKCTa). BO3MOXKHO HCMOIb30BAHUE 3BYKOBOI'O COIPOBOXKJICHUS, aHUMAIUK (ayauo-, U
BHJIeOMaTEpHAIIa).

Ha nepBoii cTpanuue cnaiina obsa3arensHo ykaxurte @.1.0. aBTopa, kypc. OueHuBaercs
paboTa Mo CIeayIOIMUM KPUTEPUSIM:

— MIOJIHOTA MPEICTABIICHHOT'0 MaTepuaa;

— opopMmIieHUE;

— IIPE/ICTaBIICHUE U 3allIHUTA.



Kpurepun onenkn:

- OLEHKA «OTJIMYHO», CTaBUTCS, €CIM TMPOEKT, TMOATOTOBICHHBIH MarucTpaHTOM
00J1aZlat0T MOJIHOTOM MpPEICTaBIEHHOIO MaTepHuasa, UMET KOPPEKTHOE OPOpMIICHHE,
a TakKe OB MPEICTaBICHBI M 3alUIIEHBl UM JIMYHO.

- OLICHKAa «XOpOIIO» BBICTABISAETCA CTYAEHTY, €CIU Kakoe JIMOO M3 NpeICTaBICHHBIX
BbIIIE TPEOOBAHUH BBIIIOJHEHO HE MOJHOCTBIO.

- OLEHKAa «YAOBJETBOPUTEIBHO» BBICTABIACTCS CTYIEHTY, €CIM [Ba KaKUX-THOO u3
NPEJICTAaBICHHBIX BBIIIE (OLIEHKA «OTIMYHOY») TPEOOBAHUH BBHIIIOJHEHBI HE TIOJHOCTHIO.

- OLIEHKAa «HEYJOBJIETBOPUTEIBHO», €CIU MPOEKT, MOArOTOBIEHHBI MarucTpaHTOM He
o0J1azjaeT NOTHOTON MPEACTABICHHOTO0 MaTepualia, He KOPPEeKTHO 0(POPMIICHBI, a TaKKe
He OBLIN MPEe/ICTaBIICHB! U 3aIUIIEHbl UM JIMYHO.

KommuiexkT 3axanuii 1/ 1a00paTopHO padoThl
Tema 1 IIpe/moct npoueccupoBanue. MHoroc/10iinbii nepcentpon (MLP)

BapuanTt 1

3apanme 1) Cosnate HelipoHHylo ceTb mis pemenus 3agadn XOR B makere ST: Neural
Networks.

3ananme 2) Co3narh HEMPOHHYIO CETh JJISl ANMPOKCHUMAIUN (QYHKIUU x* B makere ST: Neural
Networks.

3ananue 3) Co3narh HEMPOHHYIO CETh AJISl ANMPOKCHUMAIUN (QYHKIUU x> B makere ST: Neural
Networks.

3ananue 4) Co3naTh HEWPOHHYIO CETh JUIS PEIICHUs 3a7adu KiaccupuKaiuu 1BetoB Mpuca B
nakete ST: Neural Networks.

Bapuant 2

3amanue 1) Co3naTh HEMPOHHYIO CETh JUIA aNMpOKCUMAIMU (YHKIIUU x* B makere ST: Neural
Networks.

3ananue 2) Co3naTh HEHPOHHYIO CETh IS PELICHUs 3aauu perpeccuu 1BeToB Mpuca B makere
ST: Neural Networks.

3ananue 3) Co3xarh HEMPOHHYIO ceTh Ul annpokcumanuu ¢ynkuuu 1/x B makere ST: Neural
Networks.

3ananue 4) Co3aTh HEHPOHHYIO CETh IS aNMPOKCHMAIHH GyHKIMH x* +x—+/x B maxere ST:
Neural Networks.

Tema 2 PaamanbHasa Oa3ucHas ¢QyHKUuMA. BeposiTHOCTHasi HeHpOHHasi CeTh.
O0001IeHHO-perpecCHOHHAsI HeHPOHHAs ceTh. JIMHelHas ceTh.

Bapuanrt 1

3aganue 1) Co3nath HEWPOHHYIO CETh pajualbHON 0a3uCHOW (PYHKIIUH AT PEelleHHs 3aJa4d
perpeccun nBeToB Mpuca B makere ST: Neural Networks

3ananme 2) Co3ath BEepOATHOCTHYIO HEHPOHHYIO CETh ISl PELICHMS 33/Ja4M KJIaCCUPUKAIIH
nBetoB Mpuca B makete ST: Neural Networks.

3ananme 3) Co3marh 000OIIEHHO-PErPECCHOHHYI0 HEWPOHHYIO CETh Uil pEIIeHHUs 3alauu
perpeccun nBeToB Mpuca B makere ST: Neural Networks.

3aganue 4) Co3naTh JUMHEHHYIO HEHPOHHYIO CETh JI PELIEHUS 3aJaud PErpeccHM LIBETOB
Hpuca B makere ST: Neural Networks.



Bapuanr 2

3ananue 1) Co3math HEUPOHHYIO CETh paaUaIbHON 0a3MCHOM (PYHKITUU IS alpOKCHMAIIUN
dyskupm x> B makere ST: Neural Networks. CpaBHHTH pe3yIbTaT C MHOTOCTONHBIM
MEPCENTPOHOM.

3ananue 2) Co3narte HEHPOHHYIO CETh PaMaIbHON 0a3MCHOM (QYHKIMH Ui amrpOKCHUMAIH
¢yukmun x° B makere ST: Neural Networks. CpaBHHTB pe3ylIbTaT ¢ MHOTOCIOHHBIM
HEPCEITPOHOM.

3apanme 3) Ycemmrenu Gain u Matrix Gain

3ananune 4) Co3nare HEHPOHHYIO CETh PaMaIbHON 0a3MCHOM (YHKIUH JUIsS amrpOKCHUMAIH
¢byakuun B makere ST: Neural Networks. CpaBHUTH pe3yiabTaT C MHOTOCIOWHBIM
HEPCEITPOHOM.

Tema 3 Cerb KoxoHnena

BapuanTt 1

3aganue 1) Co3znath HelipoHHYIO ceTh KOXOHEHa s penieHus 3a1au KIacTepu3aliy LIBETOB
Upuca B makere ST: Neural Networks. [ToctpouTs TOomomoruueckyio kapry.

3aganue 2) Cosznath HelpoHHyIO ceTb KoxoHeHa JuIsi pelleHus 3aJadyd  KiacTepu3alluu
cTpoutenbHbIX peanpusatuii Kpacnomapckoro kpas B makete ST: Neural Networks. [ToctpouTs
TOMOJIOTUYECKYIO KapTy.

3ananme 3) Cosznarb HEHpoHHYIO ceThb KoxoHeHa Uil pemieHus 3ajJayd  KiacTepHu3alvu
CeNIbCKOXO035MCTBeHHBIX npennpuatuii Kpacnomapckoro kpas B makere ST: Neural Networks.
[ToCTpOUTH TOMOIOTMYECKYIO KapTYy.

3aganue 4) Co3nate HEMpoHHYIO ceTh KoxOoHeHa Ji1s peneHys 3a1auu KiacTepu3aluy TOProBo-
3akynmouyHbeIX npeanpusatuii KpacHogapckoro kpas B makere ST: Neural Networks. IToctpouts
TOMOJIOTUYECKYIO KapTy.

Bapuanr 2

3ananme 1) Cosznarb HelpoHHYIO ceThb KoxoHeHa Ui pemieHus 3aJayd  KiacTepHu3aliu
pernonoB Kpacnonapckoro kpas B makete ST: Neural Networks. ITocTpouTs TOIOJIOrHYECKyIO
KapTy.

3aganue 2) Cosznath HelpoHHYIO ceThb KoxoHeHa Juisl pelleHus 3ajJadyd  KilacTepu3alluu
¢bunancoBoro coctostHust peruoHoB P® B makere ST: Neural Networks. IloctpouTs
TOMOJIOTUYECKYIO KapTy.

3ananme 3) Cosznarb HEHpoHHYIO ceThb KoxoHeHa Ui pemieHus 3aJayd  KiacTepHu3alvu
couuanbHoro cocrostHuss peruoHoB P® B makere ST: Neural Networks. Iloctpouts
TOIOJIOTUYECKYIO KapTYy.

3aganue 4) Coznate HelpoHHyIO ceTb KoxoHeHa Juisl pelleHus 3aJadyd  KiacTepu3alluu
SKOHOMHYECKOTO pa3BuTusi pernoHoB P® B makere ST: Neural Networks. IToctpouth
TOMOJIOTUYECKYIO KapTy.

Kpurepun onenkmn:

- OIIEHKA «OTJIUYHO» BBICTABIIAECTCS CTYACHTY, €CJIM BblloHEeHO 10-12 3amanuii u3 12;

- OLIEHKA «XOPOILI0» BBICTABIISIETCA CTYIEHTY, €CJIA BBIOJIHEHO §8-9 3ananuii u3 12;

- OIIEHKA «YJOBJIECTBOPUTEIILHOY» BBICTABIISIETCS CTYJICHTY, €CJIA BBIMOJHEHO 60-7 3aianuil u3 12;

- OLICHKA «HEYJIOBJIETBOPUTEIBHO)» BBICTABISETCS CTYACHTY, €CIU BBIIIOJIHEHO 5 W MEHbIIE
3aaHuy u3 12;



KoMmuiekT 3a1aHuii 1Ji1 BHINOJTHEHUSA
pacyeTHO-rpaduyecKoil padoThbl

3apmaya 1. Pemmuts 3amauy knaccudukanuu 1BetoB HMpumca B makere ST: Neural
Networks. C mNOMOIIBIO HWHTEIUIEKTYaJbHOIO TIOMOIIHMKA JAHHBIX M CaMOCTOSITEJIBHO,
WCIIONIB3YS pa3InYHbIE TUIIBI HEMPOHHBIX ceTel. CpaBHUTH pe3yabTar. PaboTy mpenctaBuTh B
Tpex BHAax: medatHoM (pedepar), MyJIbTUMEIUMHOM (Mpe3eHTalus) W HPOrpaMMHOM
(cosmannbie HelipoHHble cetn B makete ST: Neural Networks). [locnennune npa 3ammcath Ha
ANEKTPOHHBIA HOCHUTEIIb.

3agaya 2. Pemmrp 3amauy  KiacCM(DUKAUA  CTPOUTEIBHBIX  MPEANPHUATHI
Kpacnomapckoro kpas B makere ST: Neural Networks. C momoIipi0 HHTEIEKTYaIbHOTO
MOMOIIHUKA JAaHHBIX U CaMOCTOSITENIbHO, HCIONb3Ysl Pa3IUYHbIE THUIBI HEHPOHHBIX CETEeH.
CpaBuuth pesynabTar. PaboTy mpenctaBuTh B TpeX BHAaX: medaTHOM (pedepar),
MYJIBTUMEANHHOM (TIpe3eHTAIs) U TIPOorpaMMHOM (CO31aHHBIE HEHpOHHBIE ceTH B makeTe ST:
Neural Networks). [Tocnennue n1Ba 3anucarh Ha 3JI€KTPOHHBIA HOCUTEIIb.

3apaya 3. Pemmrp 3amauy KiacCU(UKAIMK CEITbCKOXO3SMCTBEHHBIX MPEINPUATHN B
nakere ST: Neural Networks. C moOMOIIBI0 WHTEIIEKTYyadbHOTO IOMOIHUKA JAaHHBIX U
CaMOCTOSITEIIbHO, HCTIOJB3Ys pa3InuHbIC THUITBI HEUPOHHBIX ceTeld. CpaBHUTH pe3yabTaT. PaboTy
OpeACTaBUTh B TpeX BUAAX: meyaTHOM (pedepar), MyIbTUMEIUHHOM (Tpe3eHTauus) Hu
nporpaMmMHOM (co3aanHble HelipoHHBIe ceTH B makere ST: Neural Networks). [locneqnue nsa
3aMnMcarh Ha 3JIEKTPOHHBIN HOCUTEID.

3agaya 4. Pemmuth 3amady KiaccuPUKaMM TOPTOBO-3aKYMOYHBIX MPEANPHUATHN
Kpacnomapckoro kpas B makere ST: Neural Networks. C momoIipi0 HHTEIEKTYaIbHOTO
MOMOIIHUKA JAaHHBIX U CaMOCTOSITENIbHO, HCIONb3Ysl Pa3IUYHbIE THUIBI HEHPOHHBIX CETEeH.
CpaBuuth pesynabTar. PaboTy nmpenctaBuTh B TpeX BHAaX: medaTHOM (pedepar),
MYJIBTUMEANHHOM (TIpe3eHTAIs) U TIPOrpaMMHOM (CO31aHHBIE HEHpOHHBIE ceTH B makete ST:
Neural Networks). [Tocnennue n1Ba 3anucarh Ha 3JI€KTPOHHBIA HOCUTEIIb.

3agmaya S. Pemmwuth 3amady kmaccupukanuu (PUHAHCOBOTO COCTOSHUS PETHOHOB
Kpacnomapckoro kpas B makere ST: Neural Networks. C moMoIIbi0 HHTEIIEKTYaIbHOTO
MOMOIIHUKA JAaHHBIX U CaMOCTOSITENIbHO, HCIONb3Ysl Pa3IUYHbIE THUIBI HEHPOHHBIX CETEeH.
CpaBuuth pesynabTar. PaboTy mpenctaBuTh B TpeX BHAaX: medaTHOM (pedepar),
MYJIBTUMEANHHOM (TIpe3eHTAIs) U IPOorpaMMHOM (CO31aHHBbIE HEHpOHHBIE ceTH B makete ST:
Neural Networks). [Tocnennue nBa 3anucarh Ha 3JI€KTPOHHBIA HOCUTEIIb.

3agaya 6. Pemmure 3amauy KimaccMUKAIMU COLMAIBHOTO COCTOSIHHSI PETHOHOB
Kpacnomapckoro kpas B makere ST: Neural Networks. C moMoIIbl0 HHTEIIEKTYaIbHOTO
MOMOIIHUKA JAaHHBIX U CaMOCTOSITENIbHO, HCIONb3Ysl Pa3IUYHbIE THUIBI HEHPOHHBIX CETEeH.
CpaBHUTH pe3yibTar.

Paboty HamnmeXuT mpeAcTaBUTH B TpeX BUAAX: rmeyaTHoM (pedepar), MyIbTUMETUIHOM
(mpe3eHTaIuMs) U IporpaMMHOM (co3aHHble HelipoHHble ceTu B makete ST: Neural Networks).
[Tocnennue nBa 3anucaTh Ha JIEKTPOHHBIA HOCUTEIb.

Kpurepun onenkmn:

- OLEHKAa «OTJIMYHO)» BBICTABIISIETCS CTYAEHTY, €CIM 3ajlaya, BbIOpaHHas CTYAEHTOM, pElLIeHa
MOJTHOCTBIO M COIMPOBOXKAAETCS IMOJAPOOHBIM OMNHMCAHUEM C TpapUUECKUMH pe3ylIbTaTaMH,
KOTOPBIE CTYJICHT MOKET OOBSCHUTDH IIPU Clade 3aJaHMs;

- OIICHKAa «XOpOIIO» €CJIM 3ajaya, BbIOpaHHAs CTYACHTOM, peIIeHa IOJHOCTHIO, HO JHOO
COIIPOBOXKIAETCS KPAaTKUM OIMCAaHUEM C IpaUueCKUMHU pe3yibTaTaMH, JIMOO CTYAEHT IpH
c/1aye 3aJaHus OTBEYaeT He Ha BCE BOMPOCHI MPENogaBaTesi, OTHOCUTEIBHO CBOCH padoThI,

- OIICHKA «YAOBJIETBOPUTEJIBHOY €CIIH 3a/1a4a, BBIOpaHHAas CTYJICHTOM, PElleHa He TOJHOCTHIO;

- OICHKAa «HCYAOBJICTBOPUTCIILHO» CCJIM 3a/jaya, Bbl6paHHaH CTYACHTOM HC PCIICHA.



